اﻟﻤﺴﺘﻘﺒﻞ اﻟﺮﻗﻤﻲ
ﻟﻠﺼﺤﺔ اﻟﻨﻔﺴﯿﺔ
ﻓﻲ  5أﺳﺌﻠﺔ
د .ﻧﺎﺻﺮ ﻓﻬﺪ ﺑﻦ دﻫﻴﻢ
ﺟﻤﻌﻴﺔ ﺷﺎرك ﻟﻸﺑﺤﺎث اﻟﺼﺤﻴﺔ

ﻣﻠﺘﻘﯽ ﻟﺒﯿﻪ اﻟﺜﺎﻧﻲ ﻟﻠﺼﺤﺔ اﻟﻨﻔﺴﯿﺔ

ﻣﺎهﻮ ﺗﺎرﯾﺦ اﻟﺘﻄﺒﯿﻘﺎت اﻟﺮﻗﻤﯿﺔ اﻟﻤﻮﺟﻬﺔ ﻟﻠﻤﺴﺘﻬﻠﻚ اﻟﺼﺤﻲ؟

2009

1

2

2014

3

2010

اﻟﻤﺮاﺟﻊ

هﻞ ﺑﺎﻟﻔﻌﻞ ﯾﺒﺤﺚ اﻟﻨﺎس ﻋﻦ هﺬﻩ اﻟﺘﻄﺒﯿﻘﺎت وﯾﺴﺘﺨﺪﻣﻮﻧﻬﺎ؟

اﻟﻤﺮاﺟﻊ

ﻣﺎهﻲ اﻟﻔﻮاﺋﺪ اﻟﻤﺘﻮﻗﻌﺔ ﻣﻦ هﺬﻩ اﻟﺘﻄﺒﯿﻘﺎت ﻓﻲ ﻣﺠﺎل
اﻟﺼﺤﺔ اﻟﻨﻔﺴﯿﺔ؟

اﻟﻤﺮاﺟﻊ

هﻞ ﯾﻮﺟﺪ أدﻟﺔ ﻋﻠﻤﯿﺔ ﻋﻠﯽ إﺳﺘﻔﺎدة اﻟﻨﺎس ﻣﻦ اﻟﺘﻄﺒﯿﻘﺎت
اﻟﻤﻮﺟﻮدة ﺣﺎﻟﯿﺎ ﻓﻲ ﻣﺠﺎل اﻟﺼﺤﺔ اﻟﻨﻔﺴﯿﺔ؟

اﻟﻤﺮاﺟﻊ

ﻣﺎهﻮ ﻣﺴﺘﻘﺒﻞ هﺬﻩ اﻟﺘﻄﺒﯿﻘﺎت وﻣﺎهﻮ اﻟﺘﻘﺪم اﻟﻤﺘﻮﻗﻊ
ﻓﯿﻬﺎ؟

اﻟﻤﺮاﺟﻊ
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INTRODUCTION

showed interest in using an app on a daily basis to monitor
their mental health condition.6 Furthermore, there have been
studies exploring the role of mobile phone apps in depression
self-management, with results indicating that apps are associated with a decrease in depressive symptoms.7,8
Given the accessibility of smartphones and the potential
benefits of depression self-management, the role of smartphone apps in population screening and monitoring should be
further explored. However, despite the widespread use of
smartphone apps, there have been no studies to date looking
at the use of smartphone apps for depression. The aim of this
study was to explore the uptake, app usage, and characteristics of voluntary, global users of a smartphone app for depression screening. Specifically, we aimed to answer the following
questions: (1) Are smartphone users looking for depression
screening apps, and do they use them? (2) What are their

A smartphone is a mobile phone with advanced hardware and
software capabilities that enable it to perform complex functions similar to those of personal computers.1 In 2012, smartphone usage rates accounted for 76% of all mobile phone
handsets in Australia,2 72% in the UK,3 88% in Singapore,4
and 65% in the USA.5 The utilization of smartphone apps as
a new modality to administer depression screening offers
instantaneous feedback and access to screening tools without internet connectivity, provides the ability for users to
locally store and access their data, saves time and money, and
provides more privacy. In addition, a smartphone’s proximity
to its user makes health-related apps available anytime/
anywhere.
In a recent study, 72% of psychiatric patients in a teaching
hospital reported that their phone was a smartphone, and 50%
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Background and objective Smartphone applications (apps) have the potential to be valuable self-help interventions for
depression screening. However, information about their feasibility and effectiveness and the characteristics of app users
is limited. The aim of this study is to explore the uptake, utilization, and characteristics of voluntary users of an app for
depression screening.
Methods This was a cross-sectional study of a free depression screening smartphone app that contains the demographics, patient health questionnaire (PHQ-9), brief anxiety test, personalized recommendation based on the participant’s results, and links to depression-relevant websites. The free app was released globally via Apple’s App Store.
Participants aged 18 and older downloaded the study app and were recruited passively between September 2012 and
January 2013.
Findings 8241 participants from 66 countries had downloaded the app, with a response rate of 73.9%. While one quarter of the participants had a previous diagnosis of depression, the prevalence of participants with a higher risk of
depression was 82.5% and 66.8% at PHQ-9 cut-off 11 and cut-off 15, respectively. Many of the participants had one or
more physical comorbid conditions and suicidal ideation. The cut-off 11 (OR: 1.4; 95% CI 1.2 to 1.6), previous depression diagnosis (OR: 1.3; 95% CI1.2 to 1.5), and postgraduate educational level (OR: 1.2; 95% CI 1.0 to 1.5) were associated with completing the PHQ-9 questionnaire more than once.
Conclusions Smartphone apps can be used to deliver a screening tool for depression across a large number of countries. Apps have the potential to play a significant role in disease screening, self-management, monitoring, and health
education, particularly among younger adults.
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Figure 1: Depression Monitor screenshots.

METHODS
Design
This is a cross-sectional study of a free smartphone depression
app (‘Depression Monitor’) that was developed in English utilizing the ‘Health Monitor’ app template9 and released on Apple’s
App Store globally. After submitting the demographics and
baseline data on the first screen of the app—including previous
depression diagnosis and treatment and an adapted version of
the Charlson comorbidity index (figure 1)—the app users are
able to complete the Patient Health Questionnaire (PHQ-9) on
the second screen and can save the history of their results on
their devices. PHQ-9 was selected over other depression
screening tools because: (1) it has been validated for use
among various age groups, including adolescents, adults, and
the elderly10–12; and (2) it has been shown to have similar performance regardless of the mode of administration (eg, patient
self-report, interviewer-administered in person or by telephone,
or touch-screen devices).13 If participants’ depression scores
are high, they are advised to take their results to their healthcare professional for further assessment and are provided with
an explanation of their results plus links to depression information websites. The app was built with a weekly reminder function to remind participants who downloaded the app to fill out
the questionnaire utilizing the (local notification) advantage in
the Apple operating system, which allows the app to push the
reminder even if the app is not running. When a user downloads the app and runs it for the first time, a random ID number
is automatically assigned to the user’s unique device identifier
and is linked to the questionnaire in order to uniquely identify
each participant. The questionnaire and usage data were saved
on the devices and synchronized automatically to the research
database whenever an internet connection is available.

Participants
Consumers at the Apple App Store aged 18 and above were recruited passively over 4 months (September 2012–January
2013). Participants downloaded this study app after agreeing
to the terms and conditions of use, which included the participants’ information and a consent agreement. We summarized
the consent and participants’ information in the app download
page and also included it inside the app in the ‘about’ section
to make it easier for the participants to find it if needed. After
the release of the app on the App Store, it was featured within
the ‘Health and Fitness’ categories in the USA and the UK, and
this led to a massive increase in the number of downloads,
boosting the app’s overall rank14 in other countries. This was
unintended and unpreventable, as the app-featuring criteria are
not published on the App Store, and app publishers are not informed if their app is being featured.

Data analysis
To determine the depression prevalence in our sample, we
used two PHQ-9 thresholds recommended in the literature. The
first threshold is a score of 11 and above, which in pooled estimates of 10 studies had the best trade-off between sensitivity,
0.89 (95% CI 0.75 to 0.96), and specificity, 0.89 (95% CI 0.79
to 0.94).15 The second threshold is a score of 15 and above,
which has shown the highest specificity at 0.96 (95% CI 0.94
to 0.97).15 The Charlson comorbidity index was used to collect
physical comorbidities.16 Finally, anxiety was briefly measured
using the one Likert-scale question that has a strong
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No identification or contact data were collected through the
app. To avoid the problem of missing data, participants could
not submit their answers before completing all questions. This
study was approved by the research ethics committee at King
Saud University.

characteristics, and how do they use the app? (3) Do smartphone users need depression intervention apps?
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RESULTS
Uptake
In 4 months, 8241 participants from 66 countries downloaded
the app. Of those who downloaded it, 6089 completed the
questionnaire, with an overall response rate of 73.9%. The
highest download rates were from the USA, Australia, and the
UK. The download numbers and response rates for each country are shown in table 1.

DISCUSSION
In this study, 8241 users from Apple’s App Store downloaded
our ‘Depression Monitor’ app from 66 countries. Of them, 6089
participants submitted the questionnaire included in this paper’s analysis. More than 70% of participants in all countries
were younger adults. Of the participants, 25.7% had been previously diagnosed with depression. There were a large number
of participants with a higher risk of depression yet undiagnosed
using both thresholds of the PHQ-9 depression screening tool.
The study app also reached various groups of people who had
not previously been diagnosed with depression yet had a
higher risk, had one or more physical comorbid conditions, or
had high levels of anxiety. In addition, the app was able to
reach a group of participants who were at risk of suicide.
Higher educational level and a higher number of physical
comorbidities were associated with a previous depression diagnosis compared to those undiagnosed yet at higher risk of
depression using a PHQ-9 threshold of 11.
This study used a well-validated self-administered depression screening test (PHQ-9) and two thresholds that have
shown a very high level of sensitivity and specificity in previous
studies.15 However, although the positive likelihood ratios for
PHQ-9 at the thresholds are high,15 false positive and negative
results should not be overlooked. Our depression screening
findings were similar to other studies in the general population.19 Like ours, other studies have found that higher education level was associated with depression having been
diagnosed.20
We note the positive association between the number of
times the questionnaire was completed and a higher risk score,
which may be related to the immediacy of app feedback, however this phenomenon deserves further exploration to understand how and why people use mental health apps. For
example, we note that a high number of participants only completed the test once. It may be that their low severity score had

Depression screening
Of those who had not previously been diagnosed with depression, 82.5% were at high risk of depression using a PHQ-9
threshold of 11,while 66.8% were at high depression risk if a
threshold of 15 was used (n ¼ 4522). Table 2 shows the prevalence of higher depression risk among participants from the
top six countries. Of those identified as higher risk using the
PHQ-9 thresholds of 11 and 15, 36.0% and 34.8%, respectively, responded ‘nearly every day’ to ‘thoughts that you would
be better off dead or of hurting yourself in some way’ (PHQ-9
suicidal ideation statement Item 9). Those with a higher number of comorbidities were more likely to have been previously
diagnosed with depression than those not previously diagnosed
but identified at higher risk of depression at cut-off 11
(t(5297) ¼ 12.2; p ¼ 0.001). A logistic regression model including age, gender, country, education level, anxiety, alcohol consumption, and substance use revealed that postgraduate
education level (OR: 2.7; 95% CI 2.1 to 3.6), graduate educational level (OR: 1.7; 95% CI 1.5 to 2.0), and increased number
of comorbidities (OR: 1.6; 95% CI 1.5 to 1.8) were significantly
associated with being previously diagnosed with depression
compared to those who were undiagnosed yet at higher risk of
depression using a PHQ-9 threshold of 11.
On the other hand, 60.2% of participants also had moderate
or high anxiety within the group identified with potential depression yet undiagnosed at a threshold of 11, and 51.5% at a
threshold of 15.
App usage
The proportion of participants who completed the PHQ-9 questionnaire more than once was 43.4%, with an average number
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Demographics and health status
Of the total respondents (n ¼ 6089), the mean age was
29.4 years (SD 10.8). The range was 18–72 years, and the median age was 26 years. However, 70% of participants in all
countries were from the 18–34 age group. Most participants had
a maximum education level of high school completion (59.1%),
but 19.4% had completed graduate school as their highest educational achievement. More women (57.8%) than men participated in this study; 25.7% of the participants had previously
been diagnosed with depression, and 26.3% of the participants
with one or more physical comorbid conditions. The most common physical comorbid condition was asthma at 51.2%.
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of 2.7 and a range between 1 and 88 times. When excluding
the number of participants who completed the questionnaire
once, the average number of completions was 5.3 times.
However, the average number of times the app was launched
by each participant was 3.2, with a range between 1 and 141
times (average excluding one-time users was 5.9 times). A v2
test for independence indicated significant associations between the frequency of completing the PHQ-9 questionnaire
and: education levels, v (3, n ¼ 6089) ¼ 9.6, p ¼ 0.02; previous depression diagnosis, v (1, n ¼ 6089) ¼ 31.4, p ¼ 0.00;
anxiety, v (4, n ¼ 6089) ¼ 12.3, p ¼ 0.01; and risk of
depression (obtained from the first recorded score) at cut-off
11, v (1, n ¼ 6089) ¼ 16.0, p ¼ 0.001, and cut-off 15,
v (1, n ¼ 6089) ¼ 10.9, p ¼ 0.001. Further logistic regression
analysis, including age, gender, education, previous depression
diagnosis, anxiety, and risk of depression at both PHQ-9
thresholds, found that a PHQ-9 score of higher than 11, a previous diagnosis of depression, and a postgraduate educational
attainment were significantly associated with multiple PHQ-9
completions (table 3).

correlation with the Spielberger State Trait Anxiety Inventory
and the Social Phobia Inventory.17,18
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Table 1: The download numbers and response rates for each country
No. of
No. of completed Country
downloads questionnaires

No. of
No. of completed
downloads questionnaires

USA

2045

1567

Mauritius

4

1

Australia

2034

1644

Belgium

3

3

UK

1646

1115

Greece

3

3

Canada

1323

1027

Iraq

3

2

Singapore

279

152

Isle of Man

3

3

New Zealand

163

133

Norway

3

2

Malaysia

140

57

Pakistan

3

3

Ireland

115

78

Paraguay

3

2

Kuwait

56

25

Poland

3

3

Brazil

43

27

Puerto Rico

3

3

Denmark

36

28

Taiwan

3

1

Saudi Arabia

35

28

Vietnam

3

2

United Arab Emirates

30

20

Albania

2

2

China

23

10

Costa Rica

2

0

Hong Kong

23

10

Guam

2

1

Korea

22

11

Iran

2

2

Philippines

21

12

Morocco

2

2

Sweden

21

15

Russian Federation

2

2

Germany

19

14

Serbia

2

2

Mexico

12

9

South Africa

2

2

the Netherlands

12

8

Ukraine

2

0

Austria

9

7

Bangladesh

1

1

France, French Republic

9

7

Bermuda

1

0

Thailand

8

5

Chile

1

1

Japan

7

7

Croatia

1

1

Spain

7

5

Cyprus

1

1

India

6

3

Egypt

1

1

Portugal, Portuguese Republic

6

0

Fiji, the Fiji Islands

1

1

Turkey

6

2

Finland

1

1

Indonesia

5

4

Qatar

1

1

Italy

5

2

Romania

1

1

Bahrain

4

2

Sri Lanka

1

1

Israel

4

3

Venezuela

1

1

Total

8241

6089
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Country
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Table 2: Country-based prevalence of undiagnosed higher risk depression using PHQ-9 thresholds of
11 and 15
Country
Australia
n (%)

USA
n (%)

UK
n (%)

Canada
n (%)

Singapore
n (%)

New Zealand
n (%)

Total
n (%)

At risk of depression

1092 (86.9)

868 (79.3)

666 (83.2)

674 (84.9)

63 (45.3)

83 (82.2)

3446 (82.3)

Not at risk

165 (13.1)

226 (20.3)

134 (16.8)

120 (15.1)

76 (54.7)

18 (17.8)

739 (17.7)

At risk of depression

890 (70.8)

710 (64.9)

542 (67.8)

532 (67.0)

43 (30.9)

67 (66.3)

2784 (66.5)

Not at risk

367 (29.2)

384 (35.1)

258 (32.2)

262 (33.0)

96 (69.1)

34 (33.7)

1401 (33.5)

Cut-off 11

OR

95% CI

Risk of depression at cut-off 11

1.4

1.2 to 1.6

Previous depression diagnosis

1.3

1.2 to 1.5

Postgraduate educational level

1.2

1.0 to 1.5

reassured them that they did not need further evaluation or to
use the app again.
In a recent study, responses to Item 9 of the PHQ-9 were a
strong predictor of suicide attempts.21 About one third of app
users with a PHQ-9 greater than 15 answered ‘nearly every
day’ to the PHQ-9 suicidal ideation statement (Item 9), which
shows that smartphone depression screening can reach those
at risk of suicide and may be useful to target them for interventions to prevent suicide.
This study has shown that a large number of people from
different countries were searching for, and willing to use, a depression screening app. It has also shown that many people
were willing to share sensitive data about their health through
a secure and anonymous smartphone app. Nevertheless, there
is very limited evidence for the efficacy of smartphone-delivered mental health interventions.22 The limited number of studies conducted in this area might be due to the lack of feasibility
and confidence that these interventions will reach the targeted
populations. However, this study deliberately recruited participants via the typical way smartphone users will seek apps and
provided new evidence that smartphone mental health interventions are sought and used by relevant users.
This study has also shown that smartphone apps can be
used efficiently as a health research tool. We implemented a

CONCLUSION
This study showed that depression screening tools can be delivered via smartphone apps, showing the future potential for
this approach in screening and self-monitoring of depression. A
large number of consumers were willing to use our app, possibly due to its convenient accessibility and simplicity of use for
those at risk of mental health problems.
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reminder function for participants to fill out the questionnaire,
and it is possible that this reminder might have had an effect
on the response rate in this study (73.9%), compared to a
study with a similar recruitment method without a reminder,
with a response rate of 37%.23
These results were limited by the nature of the self-selected
sample, as participants who knew that they were at risk of depression might be more motivated to take the test than others.
However, this did not affect the fact that a high proportion of
them had a higher risk of depression and were untreated.
Another limitation is that the app was only released in English,
which limited the app downloads to mainly English-speaking
populations.

Table 3: Variables associated with completing
the PHQ-9 questionnaire more than once
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Abstract
Objective To assess the efficacy of an interactive smoking
cessation decision-aid application (pp) compared with a
smoking cessation static information app on continuous
abstinence.
Design Automated double-blind randomised controlled
trial with 6 months follow-up (2014–2015).
Setting Smartphone-based.
Participants 684 participants (daily smokers of
cigarettes, 18 years old or over) recruited passively from
app stores in the USA, Australia, UK and Singapore, and
randomised to one of two sub-apps.
Intervention(s) Behavioural, decision-aid, smartphone
application.
Main outcome(s) Continuous abstinence at 10 days,
1 month, 3 months and 6 months.
Results Smokers who received the decision-aid app
were more likely to be continuously abstinent at 1 month
compared with the information-only app (28.5% vs 16.9%;
relative risk (RR) 1.68; 95% CI 1.25 to 2.28). The effect
was sustained at 3 months (23.8% vs 10.2%; RR 2.08;
95% CI 1.38 to 3.18) and 6 months (10.2% vs 4.8%; RR
2.02; 95% CI 1.08 to 3.81). Participants receiving the
decision-aid app were also more likely to have made
an informed choice (31.9% vs 19.6%) and have lower
decisional conflict (19.5% vs 3.9%).
Conclusion A smartphone decision-aid app with support
features significantly increased smoking cessation and
informed choice. With an increasing number of smokers
attempting to quit, unassisted evidence-based decision-aid
apps can provide an effective and user-friendly option to
many who are making quit decisions without healthcare
professionals.
Trial registration number ACTRN12613000833763.

Introduction
Just over one-fifth of the world’s adult population continues to smoke despite significant declines in smoking rates over the
past decades.1 Smoking is responsible for
the deaths of around 6 million people per
year and costs the global economy around
US$500 billion annually.1

Strengths and limitations of this study
►► This is the first fully powered efficacy trial of a

smoking cessation decision-aid application (app).
►► The design deliberately reflects the real-world

setting recruiting through app stores.
►► It compares ‘state-of-the-art’ decision-aid design

and support with passive information-only apps.
►► The trial was a novel fully automated design across

four countries.
►► The decision-aid with support app significantly

improved continuous abstinence at 6 months
compared with information-only app.

Smoking cessation programmes are accessible to only 15% of the population globally2 despite more people attempting to
quit. Approximately two-thirds of smokers
in the USA attempted to quit in 2014,3 11%
of male Chinese smokers mainly aged 15–24
years attempted to quit4 and a range of tobacco-control policies have been increasing quit
attempts in low-income and middle-income
countries.5 We also know that most quit
attempts are likely to be unassisted6 and that
the reasons for this may relate to personal
and societal values of independence and
autonomy which influence smokers’ beliefs
and decisions about quitting.7
Mobile phone interventions have become a
new but effective way to help smokers quit. A
recently updated Cochrane review8 includes
12 studies, showing that these, mainly text
message-based interventions, significantly
improved continuous abstinence at 6 months
compared with control9 interventions of
information only. The authors also remarked
on the lack of research on smartphone applications (apps) despite the plethora of these
available to the public. As we have previously
shown, a smartphone app was able to reach
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Methods
Study design
This is an automated, double-blind, randomised
controlled trial (RCT) to determine the efficacy of a
smartphone smoking cessation decision-aid app with
support features compared with an app that contains only
smoking cessation information. An overarching app was
developed that included the baseline questionnaire and
two sub-apps—the intervention and control apps. The
participants from the USA, Australia, Singapore and the
UK were randomised over a 5-month period. These countries were selected because of high smartphone coverage,
English language, high income and good access to
smoking cessation treatments across different geographical regions globally.10 The study app was published on
the Apple App Store during the recruitment period
and was the main portal of advertising the trial. We also
advertised the app as an (in-app) advertisement to Apple
iPhone users while they are using other apps, allowing for
demographic targeting.
Participants
Users of the Apple App Store in the four countries were
recruited passively via the app’s download page in the
Apple App Store. The App Store description advised them
that by downloading the app they would be participating
in the study, that they could read the provided information about smoking and options for quitting, complete
a questionnaire to find out their nicotine dependency
test score and rate the information for its helpfulness in
motivating them to quit. The app would collect anonymous data about how often the app was used and how
2

long it was used for, and their internet protocol (IP)
address would be collected only to identify duplication
of data in our database and then deleted permanently.
No personal identifying information would be collected
through the app or the questionnaire. All anonymous
data including the questionnaire responses, information
ratings, frequency/duration of use and IP address would
be sent directly from the app in their phone to an online
secure research database. The eligibility criteria were
daily smokers of cigarettes, 18 years old or over and from
the included countries. Occasional smokers and users of
other tobacco products were excluded.
Patient involvement
Patients were not directly involved in the design of this
study. However, a previous study has explored the potential participants’ characteristics to inform this study
design.9
Baseline registration and data collection
When a participant opened the app for the first time, the
app assigned them a unique device identifier and registered the user’s smartphone device in our secure remote
database. The unique device identifier could not change
if the user deleted the study app and reinstalled it. This
allowed anonymous data collection, prevented duplicate
enrolments and contamination between groups. As this
study is fully automated, not being able to ensure that
some users may download the app from another device
is an unavoidable limitation. However, to monitor users
who download the app onto two devices, we have implemented a server-side IP that can identify the users who use
different devices connected to the same internet network
at similar times. This may not completely eliminate the
possibility of contamination but will reduce it. To increase
the response rate to the baseline questionnaire, we have
implemented a reminder function that will send a notification to the user to complete the baseline questionnaire.
The baseline questionnaire included sociodemographic
variables (age, sex, educational level, marital status and
income level) and tobacco consumption (eg, number of
cigarettes smoked per day and nicotine dependence as
measured by the Fageström test).20
Randomisation and blinding
The study app automatically randomised eligible participants (daily cigarette smokers, aged 18 years and above
and from the four countries) to either the intervention
or the control sub-app using stratified block (age, gender,
country) randomisation. The strata were defined by age,
country and gender. Participants and all investigators
were blinded to group allocation (double blind).
Intervention and control app components
Both apps motivated the participant to set a quit date.
The intervention app included four main components
that made optimal use of smartphone features: (1)
mandatory information about quitting options, with their
benefits and harms; (2) daily motivational messages using
BinDhim NF, et al. BMJ Open 2018;8:e017105. doi:10.1136/bmjopen-2017-017105
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1751 smokers in the USA, Australia and the UK over
a period of 12 months. Most of these people were not
seeking professional help and were ready to quit in the
next 30 days.10
Smartphones with their advanced processing capabilities, rapid global uptake, proximity to the user and
push notifications (a short message service-like function
that is free of cost and more interactive),11 are potentially
an ideal vehicle for health interventions.12 In addition,
smartphone apps have shown feasibility across diverse
ranges of health conditions.10 13–15 Although app stores
have hundreds of smoking and tobacco-related apps, the
majority are of low quality, very few provide evidence-based
content and some are actually pro-smoking apps.9 16 17
The efficacy of smartphone apps as an intervention
for smoking cessation remains untested, although three
small pilot studies have shown a potential effect on shortterm abstinence rates.13 18 19 This study, the Smartphone
Smoking Cessation Application (SSC APP) trial, therefore, is the first that we are aware of to assess the efficacy
of a SSC APP in a full-scale, multicountry, longer-term
trial. It tests the efficacy of an interactive smoking cessation decision-aid app compared with a smoking cessation
static information app on quit rates.

Open Access
in continuous abstinence after 1 month from 5% to 15%
allowing for 20% loss to follow-up.12 All analyses were
undertaken on an intention-to-treat basis. To account for
the non-responses at follow-up, four multiple imputation
models were constructed for the non-responses at the
follow-up at 10 days, 1 month, 3 months and 6 months
continuous abstinence. The covariates that were included
in the models were age, gender, educational level,
income level, nicotine dependence, intervention group,
selected quitting method and country. Ten imputed datasets were generated based on Rubin’s formula for relative efficiency to produce about 99% efficiency.22 We also
conducted a sensitivity analysis with the assumption that
all participants with missing outcome data were smokers.23
Effect measures were relative risk (RR) and 95% CIs. We
assessed whether the effect of the intervention on abstinence rates was mediated by choice of quitting method
or use of particular app components such as the use of
the benefit tracking function by applying the method of
Baron and Kenny.24

Statistical analysis
We calculated a sample size of 672 participants to achieve
80% power at a 0.05 significance level to detect a change

Results
The recruitment process started on 5 May 2014 and
continued until the required sample size was reached on
1 September 2014. The 684 participants were randomly
assigned via our automated randomisation algorithm to
the intervention or control group (figure 1). Treatment
groups were balanced with respect to baseline characteristics (table 1). χ2 analysis to examine the non-response at
1-month follow-up association with intervention groups
revealed that non-response was independent of the
intervention groups χ2(1, n=684)=1.2, P=0.27. However,
turning off the app push-notification function (8.6% of
the participants) was associated with non-response χ2(1,
n=684)=11.1, P<0.001.
The majority of participants in both groups decided to
quit unassisted, followed by nicotine replacement therapy
(NRT) (table 1). Only 2.3% of the participants changed
their selected quitting method within the first 10 days.
The multiple imputations results showed that self-reported continuous abstinence at 10 days, 1, 3 and
6 months was significantly increased by the intervention
app (table 2). At 1 month, 28.5% of those in the intervention arm were completely abstinent compared with
16.9% in the control arm. Similar results were obtained
when the participants who were lost to follow-up were
treated as smokers (table 3) at the main outcome 1 month
(continuous abstinence 13.2% (45/342) control vs 26.0%
(89/342) intervention; RR 1.97, 95% CI 1.41 to 2.79,
P<0.001), and when excluded (table 3) (continuous abstinence 14.2% (45/317) control vs 27.4% (89/325) intervention; RR 1.92, 95% CI 1.39 to 2.66, P<0.001).
In three countries, abstinence rates at 1 month were
significantly higher in the intervention group compared
with the control group (USA (RR 1.83, 95% CI 1.04 to
3.25), Australia (RR 2.29, 95% CI 1.13 to 4.64), UK (RR
1.97, 95% CI 1.10 to 3.55), but not Singapore (RR 1.56,

BinDhim NF, et al. BMJ Open 2018;8:e017105. doi:10.1136/bmjopen-2017-017105

3

Outcomes
The primary outcome was the proportion of participants who remained completely abstinent after 1 month.
Participants were asked the question “Have you been
totally smoke-free (‘not even a puff’) for the last x days/
months?” at 10 days, 1 month, 3 months and 6 months.
Secondary outcomes were the proportion who made
quitting attempts of at least 24 hours, abstinence rates
at 10 days, 3 months and 6 months, the proportion who
made an informed choice (based on the Multidimensional Measure of Informed Choice (MMIC)— 10 days
after quitting) and the proportion with low decisional
conflict (SURE score of less than 4 measured 10 days after
quitting).21
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push notifications sent from the study server, (3) a quitting diary and (4) a quitting benefits tracker. The intervention app could thus be described as a smartphone
‘decision aid with additional support’ because it included
structured content on the options, benefits and harms
of smoking cessation, along with ongoing support and
motivation for the implementation and adherence to a
quit decision through the use of push notifications, motivational messages, a diary and benefits tracker. Unlike
many existing smoking cessation services through mobile
phones and quit-lines, the decision-aid app allowed
smokers to freely choose a quit method through a structured process of weighing up the available options and
their benefits and harms. The decision-aid design was
based on the Ottawa Decision Support Framework that
draws on a number of psychological and behavioural
theories (https://decisionaid.ohri.ca/odsf.html).
The control app included non-mandatory information about quitting options, benefits and harms, similar
to those available in the intervention app. It did not
provide any structured process for considering options,
benefits and harms of quitting methods nor did it provide
ongoing support for adherence to a quit decision. This
could therefore be described as a smartphone app with
information only. As stated earlier, both the intervention
and control apps encouraged users to set a quit date.
Full details about the study design, the intervention and
control apps are available in the published protocol.12
A public version of the intervention app called ‘Quit
Advisor Plus’ is available for downloading free of charge
from the Apple App Store.
The follow-up data were collected by pushing a notification to the participants that were received even if
the app was not running. Participants could also click
on a follow-up button inside the app to initiate the
follow-up process if the follow-up time had come. The
follow-up notification generated an automated process
where participants could click ‘yes’ or ‘no’ to answer the
follow-up questions.

Open Access

Flow chart for trial. app, application.

95% CI 0.71 to 3.44). There was no statistically significant
difference in the effect of the intervention between the
countries.
The effect of quitting method on continuous abstinence at 1 month was assessed in a logistic regression
analysis using the imputed data adjusting for age, gender,
educational level, country, treatment groups. None of
the quitting methods were associated with abstinence
compared with ‘No treatment (quitting unassisted)’.
The quitting method did not mediate the impact of the
intervention since method chosen was not associated
with abstinence (P=0.99) and inclusion of method did
not alter the estimate of the intervention effect.
Finally, we measured the effect of ‘app component
use’ on quitting, using a logistic regression model with
the imputed data at 1 month and 6 months. The model
included the quitting benefit tracker use, quitting diary

use and the self-reported reading of the compulsory
information adjusting for age, gender, educational
level, country, quitting support method. Only the quitting benefit tracker was significantly associated with
continuous abstinence at 1 month (OR 3.85; CI 2.15
to 6.91) and 6 months (OR 4.27; CI 1.53 to 11.88).
Mediator analysis was not preformed because the quitting benefit tracker was only available in the intervention
app which violated the mediation analysis assumptions.
In terms of the decisional conflict, 19.5% of the participants in the intervention group had low decisional
conflict compared with 3.9% in the control group χ2(1,
n=684)=28.4, P<0.001. Table 4 shows the MMIC at 10 days
after quitting with participants receiving the decision-aid
app more likely to make an informed choice than those
getting the information-only app (31.9% vs 19.6%), χ2(1,
n=684)=12.8, P<0.001.
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Figure 1
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Characteristics

Control
n (%)

Intervention Total
n (%)
n (%)

Age (mean (SD)) (years)

28.8 (9.8)

27.9 (10.2)

28.3 (10.0)

 Female

181 (52.9)

195 (57.0)

376 (55.0)

 Male

161 (47.1)

147 (43.0)

308 (45.0)

 Australia

84 (24.6)

89 (26.0)

173 (25.3)

 Singapore

87 (25.4)

79 (23.1)

166 (24.3)

  UK

83 (24.3)

88 (25.7)

171 (25.0)

  USA

88 (25.7)

86 (25.1)

174 (25.4)

 Graduate level or above

188 (55.0)

179 (52.3)

367 (53.7)

 Less than graduate level

154 (45.0)

163 (47.7)

317 (46.3)

 Less than US $20 K/year

111 (32.5)

104 (30.4)

215 (31.4)

 US$21– 49 K/y ear

168 (49.1)

164 (48.0)

332 (48.5)

63 (18.4)

74 (21.6)

137 (20.0)

 Married or de facto

100 (29.2)

95 (27.8)

195 (28.5)

 Others (single, widowed,
etc)

242 (70.8)

247 (72.2)

489 (71.5)

163 (47.7)

176 (51.5)

339 (49.6)

50 (14.6)

44 (12.9)

94 (13.7)

129 (37.7)

122 (35.7)

251 (36.7)

124 (36.3)

102 (29.8)

226 (33.0)

 Any NRT

58 (17.0)

53 (15.5)

111 (16.2)

 Self-help materials in the
app

15 (4.4)

56 (16.4)

71 (10.4)

 Other self- help

25 (7.3)

32 (9.4)

57 (8.3)

 Aversion therapy

20 (5.8)

21 (6.1)

41 (6.0)

 Herbal therapy

22 (6.4)

19 (5.6)

41 (6.0)

 Acupuncture

22 (6.4)

13 (3.8)

35 (5.1)

 Hypnosis

10 (2.9)

20 (5.8)

30 (4.4)

9 (2.6)

0 (0)

9 (1.3)

Sex

Country

Education

Income level

 More than US$50 K/year
Marital status

Nicotine dependency
(Fagerström)
 Very low–low (0–4)

intervention recipients being more likely to make an
informed choice and have lower decisional conflict than
those receiving the information-only app. We have also
shown that smartphone apps can be successfully used in
an RCT design, with good follow-up response rates in
both groups. Turning off the app push notification was
associated with follow-up non-response.
We believe our intervention app was successful in
achieving the 28.5% 6-month continuous abstinence
rates because it combined features of previously evaluated smoking cessation interventions that were shown
to be effective—that is, decision aids and mobile phone
interventions. Willemsen et al25 conducted an RCT of a
smoking cessation decision aid over a decade ago. While
the aid increased 6-month continuous abstinence rate
to 20.2% compared with no decision aid (13.6%), it
consisted of a box with leaflets, a video and some treatment samples which were posted to the home. The
researchers reported an increase in knowledge, a more
positive attitude, an increase in confidence about quitting
and feedback that the decision aid helped them decide
on a quit method. Second, there has been increasing
evidence for the efficacy of mobile phone interventions
(mainly text messages or counselling).8 We hypothesise
that our 6-month abstinence rate of 28.5% is due to the
combined effect of decision support and the convenience
of mobile technology. In addition, the effect of smartphone-unique features on health behaviour change has
not yet been assessed and this study is the first to do so.10

Discussion
The results of this fully automated RCT show that continuous abstinence from smoking at 1, 3 and 6 months was
significantly increased by a smartphone decision aid that
included behavioural support compared with a simple
non-mandatory information-only app. Most of the participants chose to quit via ‘No treatment (unassisted)’ with

Strengths
A strength of our intervention was that it incorporated
patient decision-aid features which significantly increased
the proportion of people who made an informed choice
that was concordant with their personal values and significantly reduced decisional conflict about their quit decision. Comparing our results to a previous paper-based
smoking cessation decision-aid RCT,25 our study has also
shown comparable results at short-term and long-term
follow-up period but has the added convenience of smartphone accessibility.
Importantly, about 56.0% of the participants in this
study (in both groups) had made a previous quit attempt
that had lasted at least 24 hours. This is relatively consistent with our finding in the feasibility study where the
majority (75.6%) of participants who had used smoking
cessation apps in the past had made a quitting attempt
that lasted at least 24 hours using an app.10 It supports
the notion that smartphone apps are an effective way of
reaching serious ‘quitters’ who tend to quit ‘unassisted’.25
Interestingly, our study participants who used NRT had
similar results to those who quit unassisted. Although, this
study was not powered for subgroup analyses, our intervention was effective in three countries out of four.
Furthermore, 77.3% of those who downloaded the app,
completed the eligibility test and of those eligible, 92.2%
completed the baseline questionnaire. The introduction of the push notification reminders in this study may
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 Medium (5)
 High–very high (6–10)
Selected quitting method
 No treatment used
(unassisted)

 Varenicline
 Bupropion
 Others

0 (0)
37 (10.8)

4 (1.2)

4 (0.6)

22 (6.4)

59 (8.6)

app, application; NRT, nicotine replacement therapy.
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Table 1 Baseline data of participants and self-reported
quitting method (n=684)

Open Access

Control (%) Intervention (%)

Relative risk (95% CI)

P value (two-sided)

52.8
20.8

59.0
32.2

1.12 (0.97 to 1.28)
1.55 (1.19 to 2.03)

0.120
<0.001

Self-reported 1-month continuous abstinence* 16.9

28.5

1.68 (1.25 to 2.28)

<0.001

Self-reported 3-month continuous abstinence 10.2
Self-reported 6-month continuous abstinence
4.8

23.8
10.2

2.08 (1.38 to 3.18)
2.02 (1.08 to 3.81)

<0.001
0.024

Self-reported quit attempt (lasted 24 hours)
Self-reported 10-day continuous abstinence

*Primary outcome.

have contributed to this high response rate, with other
studies reporting similar results with this method.15 26 By
contrast, our feasibility study only generated a response
rate of 36.8% without reminders.10 Our trial retention
rate was good with 1-month follow-up (93.9%) and
6-month follow-up (85.2%). Another study comparing
a smartphone app with a website found that trial retention was 93% at 6 months in the smartphone group,
compared with 55% in the website group.14 Turning off
the app push-notification feature was associated with loss
to follow-up. In future, the app could include an in-app
reminder to the user to turn on the push notification.
Limitations
One of the limitations of this study is that continuous
abstinence was measured via self-report through the app
questionnaires, which is less rigorous than a biochemically
verified abstinence.27 Our study was not funded for the
latter. The second limitation is the possibility of contamination between groups, although we took measures to
minimise this through the unique IP feature.12 Finally, we
recognise that the participants in this study were likely to
be more motivated than other smokers because they were
searching for smoking cessation apps during the recruitment period.
Generalisability
This study has used a novel approach for conducting an
automated RCT via a smartphone app, and thereby simulated the ‘real-world’ setting, recruiting via the app store
in multiple countries. This automated process eliminated

hours of recruitment time, and cost, it reached various
ages, education levels and income groups, including 31%
of the participants with low incomes but still used an
expensive smartphone device. However, the study sample
was limited to four high-income countries, and the findings may not be generalisable to smokers with smartphones in other settings.
Future challenges
Unlike web technology where the intervention can be
developed and hosted on the producer’s resources,
smartphone apps are hosted on the publishers’ servers
(eg, Apple app store or Google Play) and thus subjected
to their changing regulation policies and technical
specifications. For example, in this project the app was
released on an iPhone operating system version that did
not require the user to provide permission to receive
local notifications (used in the quitting benefit tracker
function). However, new versions of the iPhone operating system required the app producer to implement a
user permission function to use local notifications. In this
case, some users may disable the local notifications and
the utilisation may be reduced. Thus, future interventions may need to come up with new solutions to improve
the utilisation of specific app functions. The same issue
was faced in another project that uses the location detection function to follow-up travellers for infection control
purposes.28
Other smartphone operating systems such as Android
allows the app producer to publish their apps via email or

Table 3 Self-reported abstinence (intention to treat analysis)
Control (%)

Intervention (%) Relative risk (95% CI) P value (two-sided)

19.0

30.9

1.63 (1.23 to 2.17)

<0.001

 Self-reported 1-month continuous abstinence 13.2

26.0

1.97 (1.41 to 2.79)

<0.001

 Self-reported 3-month continuous abstinence

7.9

17.3

2.19 (1.39 to 3.46)

<0.001

 Self-reported 6-month continuous abstinence

3.2

7.3

2.27 (1.09 to 4.86)

0.026

19.9

31.8

1.59 (1.21 to 2.12)

<0.001

 Self-reported 1-month continuous abstinence 14.2

27.4

1.92 (1.39 to 2.66)

<0.001

 Self-reported 3-month continuous abstinence
 Self-reported 6-month continuous abstinence

18.9
8.5

2.13 (1.36 to 3.36)
2.23 (1.08 to 4.77)

0.001
0.029

Lost to follow-up treated as smokers
 Self-reported 10-day continuous abstinence

Lost to follow-up excluded
 Self-reported 10-day continuous abstinence

6

8.9
3.8
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Table 2 Primary and secondary outcomes (number of imputations=10)
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Choice

Intervention, n=342 (%) Control, n=342 (%)

Informed*
109 (31.9)
Uninformed† 233 (68.1)

67 (19.6)
275 (80.4)

*Informed choice: good knowledge with attitudes consistent with
behaviour.
†Uninformed choice: poor knowledge with attitudes not consistent
with behaviour.

self-hosted web links. Although the producer may lose the
mass exposure advantage by publishing their apps on the
official app stores, they at least can avoid the changing
policies issue.
Conclusions
A smartphone decision-aid app significantly increased
smoking cessation rates with greater informed choice
and lower decisional conflict across three out of four
countries. It shows that the benefits of earlier mobile
phone smoking cessation interventions can potentially be
transferred to the more contemporary and user-friendly
smartphone interface. We have also demonstrated the
feasibility of conducting an RCT entirely using smartphone technology. Evidence-based decision-aid apps
should be promoted to smokers who are thinking of
quitting.
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ABSTRACT
Background Pro-smoking applications (app) provide
information about brands of tobacco products, where to
buy them, and encourage their use. It is unclear in
which countries these apps are being downloaded, or
whether app stores play a role in promoting or
regulating these apps, particularly those that appear to
target children.
Method The lifetime popularity of 107 pro-smoking
apps was investigated, using a third-party app metrics
service that aggregates data from app stores about app
download popularity by country. Apps were deemed
popular if at any time in their lifespan they achieved a
top 25 ranking overall across all apps, or a top 25
ranking in any particular category of apps, such as
‘educational games’.
Results Fifty-eight pro-smoking apps reached
‘popularity’ status in Apple and Android stores in one or
more of 49 countries, particularly Italy, Egypt, Germany,
Belgium and the USA. The daily downloads in each
country ranged from approximately 2000 to 80 000. The
Apple store featured ﬁve of the pro-smoking apps in
various categories, and two apps were featured by the
Android market. Two pro-smoking apps in the Apple
store were extremely popular in the ‘Educational Games’
and ‘Kids’ Games’ categories.
Conclusions Pro-smoking apps were popular in many
countries. Most apps were assigned to entertainment
and games categories, with some apps speciﬁcally
targeting children through placement in categories
directed at children. App stores that feature pro-smoking
apps may be in violation of tobacco control laws.

BACKGROUND
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Smartphone applications (app) stores are global
markets that any smartphone user can access in virtually any country where an internet connection is
available. Our study conducted in 2012 found 107
pro-smoking smartphone apps in the Apple app
store and Android market (recently renamed
Google Play).1 Android users downloaded 25
billion apps by mid 2012; up from 10 billion
downloads in 2011.2 3 As of February2012, it was
estimated that more than 11 million users had
downloaded pro-smoking apps from the Android
market alone.1 Pro-smoking apps may violate
Article 13 of WHO Framework Convention on
Tobacco Control (WHO FCTC), which bans direct
and indirect advertising and promotion of tobacco
products in all media including the internet. The
availability of apps under various store categories,
including ‘Games’ and ‘Entertainment’, could
readily expose children to this pro-smoking content
and potentially increase the risk of smoking
initiation.1

Developers can publish apps in a range of categories designed to classify apps, for example, as
games, entertainment or lifestyle. However, no
information about the locations of the users downloading these apps is available. To estimate the
number of downloads, app publishers consider
their rank in the app stores. Apps that occupy the
top position in the relevant category or the overall
rankings are downloaded most frequently.4
Distimo, an app-tracking company, monitors
daily rankings in the app stores on a country-bycountry basis.5 It found that to rank among the top
10–25 in the USA, an app needed between 45 000
and 80 000 downloads per day. To reach the top
25 in the games and entertainment categories, an
app needed from 7000 to 25 000 daily downloads.4 5 To rank among the top 10 or 25 in
Australia, the UK, Germany, France and Italy, an
app required only 4000 to 18 000 daily downloads.4 5 In most countries, an app needed approximately 3000 daily downloads to achieve a top 50
ranking.4 5 This shows that being in the top 25
indicates that the app is getting high download
volume. Additionally, being in the top 25 increases
the app exposure and visibility, which stimulate
further downloads.6
In this paper, we aim to identify the countries
where pro-smoking apps are most popular.
Additionally, we investigate whether the app stores
featured a pro-smoking app in a given month.
‘Featured’ means an app was included on an app
store list of selected or highlighted content, such as
lists of the most popular free apps, of the apps that
generate the most revenue, or of the apps that are
staff picks. We also examined apps that had a high
rank in app store categories that appeal to children,
such as ‘Kids’ Games’ and ‘Educational Games’.

METHOD
Several app-tracking companies aggregate the daily
rankings in the Apple and Android stores. One
such service, Appannie, supports searching for an
individual app, its lifetime ranking, and the countries and categories in which it has been highly
ranked.7 This service also shows the date on which
app stores have promoted a speciﬁc app by featuring it in any category.
In February 2012, we searched the Apple app
store and the Android market for pro-smoking
apps, using the keywords ‘smoke’, ‘cigarette’,
‘cigar’, ‘smoking’ and ‘tobacco’. We deﬁned
pro-smoking apps as ‘any app that explicitly provided information about brands of tobacco, where
to buy tobacco products, images of tobacco brands
or cigarettes, and apps that might encourage
smoking behaviour by providing smoking trigger

BinDhim NF, et al. Tob Control 2015;24:159–161. doi:10.1136/tobaccocontrol-2013-051189

159

Downloaded from http://tobaccocontrol.bmj.com/ on September 12, 2016 - Published by group.bmj.com

Research paper
cues, for example, smoking simulation apps that show a cigarette on the screen and ask the user to light it and smoke it’.1
The identiﬁed 107 apps (the list of the identiﬁed apps can be
found at http://spphr.net/2/psl.html)1 were then checked using
the Appannie service to determine which had ever reached a top
25 ranking as of February 2012 and which countries were being
reached by pro-smoking apps. We used the top 25 criterion to
identify the most popular apps in individual countries. This criterion was assessed independently for all countries. Thus, an
app in the top 25 of a given category in two or more countries
was not necessarily downloaded at the same rate. Country rankings depend on the size of their app market and the total
number of app downloads. We then ranked the countries by the
number of pro-smoking apps that reached the top 25.
Additionally, we identiﬁed any pro-smoking apps featured by
stores in November 2012. We also investigated differences in
the number of pro-smoking apps in the top 25 in countries with
high and low smoking prevalence.

RESULTS
Of the 107 pro-smoking apps, 58 ranked in the top 25 (in
various categories and overall rankings) in 49 countries during
their lifetime.

In the Android market
Thirty-eight countries had at least one pro-smoking app reach
the top 25 in at least one category. In 23 countries, at least one

pro-smoking app held the top position in at least one category.
As seen in table 1, countries where pro-smoking apps from the
Android market were most popular were Italy, France, Egypt
and Brazil. In countries with pro-smoking apps in top 25 rankings, pro-smoking apps were popular in ﬁve to eight retailer categories, primarily the ‘Casual’, ‘Games’, and ‘Lifestyle’
categories. An example of these apps, ‘Pocket Roller’ teaches
users various ways to roll cigarettes (see online supplementary
ﬁgure S1). The app reached the top 5 in the ‘Lifestyle’ category
in France, the top 15 in Canada, and the top 23 in the UK. In
November 2012, the Android market featured two pro-smoking
apps in 23 countries, as shown in table 1.

In the Apple app store
In 49 countries, at least one pro-smoking app ranked among the
top 25 in at least one category. In 21 countries, at least one
pro-smoking app held the top ranking in at least one category. As
seen in table 1, the countries where pro-smoking apps in the
Apple app store were most popular were Egypt, Armenia, Israel,
Italy and Belgium. In countries with pro-smoking apps in top 25
rankings, the pro-smoking apps were found in ﬁve to eight Apple
app store apps categories. While the apps were most popular in
the ‘Entertainment’, ‘Games’, and ‘Lifestyle’ categories, two
pro-smoking apps (both have a smoking simulation function in
which users can smoke virtually by inhaling and exhaling near
the device’s microphone) were highly popular in the
‘Educational Games’ and ‘Kids’ Games’ categories in Germany,

Table 1 The top 25 countries downloading pro-smoking apps in both Google Play and the Apple App Store and the number of featured apps
in November 2012
Android market (Google Play)
Country

Apple app store

Apps in the top 25
(n)

Categories involved
(n)

Featured apps
(n)

Country

Apps in top 25
(n)

Category
(n)

Featured apps
(n)

Italy
France
Egypt
Brazil
Argentina
UK
Sweden
Germany
Spain
Finland
Russia
Australia
Chile
India
Turkey
Switzerland
Austria
The
Netherlands
Poland
Indonesia

10
8
8
7
7
7
6
6
6
6
6
6
6
6
6
5
5
5

7
7
8
7
8
9
5
5
5
7
6
6
6
8
6
5
8
5

1
2
2
2
2
2
2
2
1
2
2
2
1
1
1
2
1
2

Egypt
Armenia
Israel
Italy
Belgium
UAE
Austria
Finland
Russia
Poland
Turkey
Luxembourg
Thailand
Denmark
India
Ecuador
Germany
Ireland

18
14
14
12
12
12
11
11
11
10
9
8
7
7
6
6
5
5

7
6
7
7
6
8
7
6
7
7
6
8
6
6
7
6
7
6

2
–
1
–
–
–
–
1
–
–
–
2
–
1
–
1
1
–

5
5

7
7

1
–

4
4

7
5

1
–

USA
Philippines
South Africa
Belgium
Singapore

5
5
5
5
5

7
8
8
8
5

2
2
2
2
–

Switzerland
The
Netherlands
Mexico
USA
Chile
Hong Kong
Canada

4
4
4
3
3

5
6
5
4
6

–
–
–
–
1
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Italy and the USA (see online supplementary ﬁgure S2). In 13
countries, including Italy, Germany, and the USA, at least one
pro-smoking app reached the top 25 overall rankings. In
November 2012, the Apple app store featured ﬁve pro-smoking
apps (see online supplementary ﬁgure S3), including at least one
in 12 countries, as shown in table 1. The store also featured the
two pro-smoking apps popular in the ‘Educational Games’ and
‘Kids’ Games’ in 11 countries. Overall, in both stores, at least one
pro-smoking app achieved a top 25 ranking in at least one category in 14 countries, including Italy, Egypt, Germany, Finland,
Belgium and the USA.
We suspected that there would be signiﬁcant differences in
the number of apps that reached top 25 rankings between countries with high smoking prevalence (above the global average of
36%) and lower prevalence based on 2012 world health statistics.8 However, among the countries included in table 1, there
was no signiﬁcant difference in the number of apps that reached
top 25 rankings (t (34)=−1.9, p=0.06).

DISCUSSION
This study found that pro-smoking apps have gained global
popularity, with 58 ranked in the top 25 (in both speciﬁc categories and overall) in one or more of 49 countries during the
study period (mostly in Italy, Egypt, Germany, Finland, Belgium
and the USA). Differences between Apple and Android apps in
countries might be due to the popularity of different smartphone devices in any given country.
With the exception of Indonesia and the USA, all the countries included have ratiﬁed WHO FCTC.9 We found that the
pro-smoking apps were equally popular in countries with strict
tobacco control regulations, such as a comprehensive ban on
tobacco advertisements (eg, Australia, UK, Thailand and
Turkey), and countries with fewer tobacco control regulations
(ie, Indonesia).10 We found no relationship between smoking
prevalence and the popularity of pro-smoking apps.
Patterns of uptake and use of smartphone apps are poorly
understood, yet apps are increasingly popular and rapidly
becoming a source of information, social interaction and leisure
in many countries. It is likely that these patterns will continue
to change as smartphone uptake increases globally. Public health
authorities need to consider the potential risks these new,
poorly regulated media could pose. Numerous studies have
found that exposure to pro-smoking messages across a variety of
media channels increases smoking initiation in adolescents.11–13
Most of the apps were assigned to entertainment and games
categories, potentially exposing children, and two apps speciﬁcally targeted children through placement in child-related categories. Although we could not ﬁnd sufﬁcient information
about the selection process for the featured apps in either the
Apple app store or the Android market, both featured some
pro-smoking apps in November 2012. App stores may violate
Article 13 of WHO FCTC, which bans advertising and promotion of tobacco products in all media including the internet.
Our analysis of the featured apps was only for a selected month;
more apps could have been featured before or after that period.

CONCLUSION
Pro-smoking apps have reached many countries around the
world. Although the overall top 25 most downloaded apps
include few pro-smoking apps, there are 58 pro-smoking apps
that rank in the top 25 within particular categories such as
‘Games’ and ‘Entertainment’. The app stores feature some
pro-smoking apps, some of which are offered in categories
intended for children. App stores may be in violation of tobacco
control laws in some countries.

What this paper adds
▸ This paper has provided evidence of the global reach of
pro-smoking apps in the Apple app store and the Android
market. It also supplied evidence of the role of the app
stores in promoting pro-smoking apps.
▸ This paper has introduced a new way to investigate the
popularity of health-related apps globally and in speciﬁc
countries using app-ranking services.
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The uptake of smartphones is growing
exponentially around the globe.1 2 Their
use by health consumers and healthcare
professionals is increasing.1–4 Smartphone
technology particularly impacts on health
policy via two new challenges: (1) smartphone app stores can act as mass global
media channels to augment or undermine
public health efforts and (2) smartphone
apps are portals to a multitude of health
interventions with unprecedented proximity to health consumers. This paper discusses the issues related to smartphone
apps regulations, safety, privacy and
quality.
REGULATION
Apps promoting harmful behaviours such
as smoking and illicit drug use have previously been identified.5–7 In the case of
‘pro-smoking’ apps, they violated international and local public health laws in
many countries, not only through promotion to adults but also by targeting children directly and indirectly.5 6 The major
stakeholder that can play an immediate
and significant role in the regulatory
process are the app stores, as they are
operating as business entities under, and
obligated to abide by, local and international laws.
Providentially, in April 2014, Apple
updated its app age rating policy and
introduced a new section guiding the
process of publishing apps that target
children (figure 1).8 In the new policy,
Apple provides a table indicating how
their rating relates to other media rating
standards, such as the ‘Entertainment
Software Rating Board’ and ‘Pan
European Game Information’.8 However,
unlike ratings for video games that are
covered by the two previous standards,
smartphone apps may include audio,
video, books and software combined
within one item. Therefore, assessing app

content based on video game criteria is
potentially problematic, especially for
health-related content, as the previously
mentioned standards do not also have
health-specific rating criteria. Although
Apple store policy has a ‘medical/treatment variable’ to its age rating criteria
(figure 1), this simply identifies the frequency but not the quality of medical or
treatment content. For example, content
that may alter consumers’ behaviour
toward using specific therapy/treatment
or stopping their current one, should
have some type of warning about the
consequences or the need to consult a
healthcare professional before making a
decision. Such content also should not be
available to children. Accordingly, under
the current content rating criteria, such
content might be underrated, especially
for the youngest age group. For example,
the ‘alcohol, tobacco, or drug use references’ item in figure 1 has not prevented
the pro-smoking apps or pro-illicit drug
apps from targeting children via a misleading age rating.5–7
Nonetheless, Apple has also introduced
a new policy entitled ‘Territory-Specific
Ratings’ to comply with local laws.8 In the
‘Territory-Specific Ratings’ section, Apple
states that “Some countries have more specific ratings requirements for app sales
than others. When you describe your app’s
content, iTunes Connect displays territoryspecific ratings and restrictions to help you
understand the consequences of including
some types of content in your app.”8 This
is a welcome initiative but it will be challenging for the Apple app store to integrate
all of the content-related laws from hundreds of territories (figure 1). The paradigm governing app stores’ content
regulations and policies should include
efforts from all stakeholders, including
governmental, national and international
health regulators, in addition to the app
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Figure 1

Apple apps rating screen in which app publishers declare their apps’ content and calculate the age rating.

stores. Such multilevel regulations will make it more difficult to identify and exploit loopholes. It will also help
app stores to incorporate better territory-specific ratings
via facilitating the process of identifying local regulations and policies.
SAFETY
In terms of safety and medical regulation, and authorities’ role in regulating health-related and medicalrelated apps, there is still a long way to go. For
example, the US Food and Drug Administration has
only planned to regulate apps that meet the regulatory
definition of ‘regulated medical devices’, thus excluding a long list of medical apps that may induce harm
to the consumers if the apps malfunction. For
example, one recent study found that three of four
smartphone apps incorrectly classified 30% or more
of melanomas as ‘unconcerning’.9 In addition, there
are many apps that help in medication dosage calculations that also could be harmful. Thus, medical regulation authorities, or perhaps health policy makers,
should consider establishing some guidelines to allow
users to critically appraise health-related smartphone
apps. Such guidelines could also feed directly into the
app stores’ regulation policies and, consequently,
enhance them.
PRIVACY
In addition to regulation and safety, privacy policies
need to be established. With the increase of
health-related apps’ adoption and use, consumers’
health-related data could potentially be available for
exploitation in an unprecedented way, especially due
to the lack of security measures and standards for
exchanging such data. The disclosure of health information via unauthorised use of smartphone apps
could lead to individuals suffering social stigma and
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discrimination.10 For example, the new Apple ‘health’
app can aggregate data from other health apps,
medical devices and compatible medical records, and
also make the information available to other health
apps for access and use. Should such personal health
information fall into the wrong hands, without the
owner’s permission, it could be very harmful.
Moreover, the exploitation of consumers’ health data
could be generated across multiple country jurisdictions, making it even more difficult to regulate.
Furthermore, apps are capable (with or without
declared permission, depending on the operating
system) of accessing other users’ information, such as
phone number directories, location services and
cameras, as well as users’ phone numbers, which
cause users to be quite exposed and easily identifiable.
Although there does not seem to be a user data access
policy on the Android operating system, Apple’s
iPhone operating system has a data access policy and
requirements.11 However, by reviewing the Apple app
store privacy section,11 it may be delicately enforced.
For example, point 17.2 in the privacy section stated,
“Apps that require users to share personal information, such as email address and date of birth, in order
to function will be rejected.”11 However, many social
media apps require the user to provide an email
address and other personal information in order to
sign up. The popular ‘WhatsApp’ messaging app
requires the user to verify his or her mobile phone
number in order to use the amenity. In fact, the
numbers of apps that ask the user to verify a phone
number is increasing. In addition, apps that aim to
exploit users’ information could use indirect strategies. For example, an app that simply provides the
user with the function of turning the smartphone into
a flashlight collects data about the user location, calendar, contacts book and phone usage data in order to
BinDhim NF, et al. BMJ Innov 2015;1:43–45. doi:10.1136/bmjinnov-2014-000019
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provide such information to advertising networks.12
In contrast, an app called ‘Disconnect’, a privacy tool
designed to stop other apps from collecting data on
users, was released on Google Play for Android
devices, and after 6 days Google removed it because it
violated a policy prohibiting apps that interfere with
other apps.13 Although such an initiative was welcomed by around 5000 users who downloaded the
app in the first 6 days, it did not seem to convince
Google Play about the importance of users’ privacy. It
also highlighted how vague their consumers’ data
privacy policies are.13 The privacy issues are also exacerbated by the health consumers’ behaviour of ignoring the credibility of health app publishers.14
Therefore, health information privacy laws are
urgently required.
QUALITY
The quality of health-related apps has many aspects,
including the accuracy of content, the quality of user
data, privacy protection, and prevention of apps malfunction harms and consequences. In terms of the
quality of health-related content, various reviews of
the quality of health-related apps found that most of
the available apps for various conditions were of low
to very low quality.15 In addition, there are limitations
in the methods of assessing health-related apps’
quality in health literature.15 To improve the quality
of assessment methods, disease-specific selfmanagement guidelines could be used to predefine
the essential content that must be available.15
However, these also need to include the usability and
evidence-based methods for presenting and delivering
health information to consumers. An app with highquality health information content is not necessarily
the best in educating and/or changing health consumers’ behaviour. Therefore, the quality of
health-related apps should also be judged by its usability and best practices for communicating health
information.
Standardised assessment methodologies based on a
predefined list of content generated from selfmanagement guidelines could nevertheless contribute
indirectly in improving the quality of health-related
apps by allowing health app developers to utilise the
same predefined list.15 However, we know very little
about the perceptions of health app developers
regarding these issues, their needs, and some of the
difficulties they face in the process of developing a
health app. Future research may explore the health
apps developers’ needs, motivations and perceptions
to health-related apps.
To conclude, when it comes to regulations and policies of the crossroads between health and smartphone
technology, there are various dimensions that should
be addressed, including public health policies, age and
content rating, safety, privacy and quality. Regulating
one dimension and ignoring the others will eventually
BinDhim NF, et al. BMJ Innov 2015;1:43–45. doi:10.1136/bmjinnov-2014-000019

undermine the regulated part via loopholes from the
other dimensions.
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Abstract
Background: Smartphone use is growing worldwide. While hundreds of smoking cessation apps are currently available in the
app stores, there is no information about who uses them. Smartphones also offer potential as a research tool, but this has not
previously been explored.
Objective: This study aims to measure and compare the uptake of a smoking cessation app over one year in Australia, the United
Kingdom, and the United States. It also assesses the feasibility of conducting research via an app, describing respondents’
characteristics (demographics, smoking status, and other health related app use), and examining differences across countries.
Methods: This is a cross-sectional exploratory study of adults 18 years and older, passively recruited over one year in 2012,
who downloaded this study app (Quit Advisor) via the two largest app stores (Apple and Android).
Results: The total number of app downloads after one year was 1751, 72.98% (1278/1751) of them were Apple operation system
users. Of these 1751 participants, 47.68% (835/1751) were from the United States, 29.18% (511/1751) were from the United
Kingdom, and 16.68% (292/1751) were from Australia. There were 602 participants, 36.75% (602/1638) that completed a
questionnaire within the app. Of these 602 participants, 58.8% (354/602) were female and the mean age was 32 years. There were
no significant differences between countries in terms of age, operation system used, number of quitting attempts, and language
spoken at home. However, there were significant differences between countries in terms of gender and stage of change. There
were 77.2% (465/602) of the respondents that were ready to quit in the next 30 days and the majority of these had never sought
professional help (eg, “Quitline”). More than half had downloaded smoking cessation apps in the past and of these, three-quarters
had made quitting attempts (lasted at least 24 hours) using an app before. Respondents who had attempted to quit three times or
more in the previous year were more likely to have tried smoking cessation apps (OR 3.3, 95% CI 2.1-5.2). There were 50.2%
(302/602) of the respondents that had used other health related apps before. Of these, 89.4% (270/302) were using health related
apps at least once a week, but 77.5% (234/302) never checked the credibility of the health app publishers before downloading.
Conclusions: A smartphone app was able to reach smokers across three countries that were not seeking professional help, but
were ready to quit within the next 30 days. Respondents were relatively young and almost demographically similar across all
three countries. They also frequently used other health related apps, mostly without checking the credibility of their publishers.
(JMIR Mhealth Uhealth 2014;2(1):e4) doi: 10.2196/mhealth.2841
KEYWORDS
smartphone; handheld computers; health promotion; tobacco and smoking; global health; prevention; apps; health Informatics;
public health
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Introduction
Smartphones and Apps
A smartphone is a mobile phone handset with advanced
hardware and software capabilities that enable it to perform
complex functions [1]. Consumers can utilize the advanced
functionalities of smartphones and download applications (apps)
from app stores. These apps are as capable as those that can be
run on laptops, and can replace them in most functions, such as
Web browsing, document processing, video and music playing,
and task management. The smartphones’ portability makes apps
available to consumers anytime and anywhere, which saves
time and offers more privacy and anonymity. Such proximity
to the consumer gives the smartphone great potential as a health
promotion tool.
By the end of 2012, smartphone ownership accounted for 76%
of all mobile phone handsets in Australia [2], 39% in the United
Kingdom [3], and 55.5% in the United States [4]. The Android
operating system (OS) and Apple OS devices dominate these
uptake rates [2,4,5]. However, Android smartphone ownership
is almost double that of Apple OS devices in both the United
Kingdom and the United States [4,5].
App stores are not ordinary Web-based stores. They attract
millions of users who seek apps for their smartphones. The
largest are the Google Play (previously known as the Android
Market) and the Apple App Store. In 2009, after nine months
in business, the Apple App Store had uploaded one billion apps
to its users [6]. In 2012, Apple users had downloaded 40 billion
apps, up from 15 billion in 2011 [7,8]. Android users
downloaded 25 billion apps in 2012, up from 10 billion in 2011
[9,10]. The app stores also allow the app owner to select which
countries they want their app released in, allowing only users
in those countries to see the app and download it. This offers
an opportunity for researchers to explore the efficiency or
effectiveness of health apps in a selected country without
contaminating the results from users from other areas of the
world. However, the accuracy of such function has never been
tested before.

Smartphones and Smoking Cessation Programs
Delivery
The most widely used self-help smoking cessation program
delivery method is printed documents [11,12]. However, printed
self-help materials have disadvantages such as printing costs,
limited distribution, lack of interactivity, and are limited in their
ability to tailor for individual needs [11,12]. By contrast,
computerized smoking cessation interventions eliminate printing
costs, make updating easier, and can include interactivity and
tailored intervention features [13,14]. Updating them, however,
requires the user to download updates from the Internet, CD,
or other computer media. The only advantage of computer-based
interventions over Internet-based interventions is that computers
do not require an Internet connection. Internet-based smoking
cessation interventions have the advantages of anonymous online
chat groups, bulletin discussion boards, and email, where health
consumers can discuss sensitive personal health issues more
comfortably than they can face-to-face in self-help groups [15].
http://mhealth.jmir.org/2014/1/e4/
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The smartphone apps bring together the advantages of
computer-based and Internet-based smoking cessation
interventions. They also overcome their limitations. When there
is no Internet connection, the user can still benefit from the
computational interactive function and static information in the
apps. The apps can host all kinds of multimedia, such as static
and interactive rich-text, pictures, audio and video, and get more
content when there is an Internet connection, without any user
effort. Smartphone apps can also aid interactive self-monitoring
by letting users add data about their health in various ways,
including question and answer forms, text writing, and audio
or video recordings. The apps can process, organize, and graph
this self-monitoring data to help users understand their progress.
Using this data can help the users in every step of their quitting
journey, providing text information about quitting, letting them
see how many days they are nicotine-free, providing diaries for
their quitting attempts and craving triggers, and sending them
reminders and motivational messages.
Dozens of smoking cessation apps are in smartphone stores,
some with exaggerated claims of effectiveness [16]. No studies
have yet assessed their uptake or their feasibility to be used as
an intervention as well as a research tool. Protocols of
randomized controlled trials to examine the effectiveness of
smartphone apps to assist smokers in their quitting are emerging.
A recent published protocol will examine a health care
professional consultation plus smartphone app versus a standard
counseling in participants recruited at primary care centers with
6 months follow up [17]. The study has not mentioned the OS
that will be utilized [17]. Furthermore, another trial protocol by
the authors will examine the effectiveness of an interactive
smoking cessation self-help app versus standard smoking
cessation information (including information about smoking
consequences, quitting options, etc) that will be provided via a
smartphone app [18]. The participants will be recruited directly
from the Apple app store via one app that after identifying
eligibility will randomize the participants to one of the subapps
and follow their quitting attempt at 4 time points (10 days, 1
month, 3 months, and 6 months) [18]. Both studies are
examining various ways to utilize smartphone apps in smoking
cessation assistance and via different recruitment methods
[17,18]. Pending the results of these two studies, more
information is needed about the actual users of smoking
cessation apps to help in customizing future interventions to
target these users and to assess the feasibility of using
smartphones to collect data. In addition, more information about
smoking cessation apps’ uptake and users’ demographics in
different OSs will help future research decide which systems
to target.
In 2011, a study analyzed the content of 47 smoking cessation
apps in the Apple App Store and found most of them were not
evidence-based, particularly the most popular ones. Very few
provided information about nicotine replacement or other
effective quitting methods [16]. In addition, harmful prosmoking
apps have found their way onto the market. In a recent paper,
we identified 107 prosmoking apps; 42 were from the Android
Market and downloaded by an average of 11 million users [1].
Some of those apps claim they can help people quit smoking
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[1]. Therefore, efforts are needed to bring evidence-based
smoking cessation materials into this new medium.

Methods

Very little is known about app users or the ability of app stores
to reach smokers. Thus, before examining the effectiveness of
smoking cessation apps, we must know as much as we can about
their potential users.

Design and Recruitment

This exploratory study examined the feasibility of a free
smoking cessation smartphone app developed for this study and
published in the Apple App Store and Android Market to reach
smokers. The study was designed to: (1) measure and compare
the uptake of a smoking cessation app over one year in Australia,
the United Kingdom, and the United States; (2) assess the
feasibility of the smartphone as a research tool describing
respondents’ characteristics (demographics, smoking status,
and other health related app use); (3) examine differences
between respondents from each country; and (4) investigate the
association between smoking status and smokers’ use of
smoking cessation apps.

This is a descriptive, cross-sectional, exploratory study of a
convenience sample of adults 18 years and older, passively
recruited over one year, who downloaded Quit Advisor (QA)
via the app stores. As part of this study, we developed a free
smartphone smoking cessation app (QA) and released it in the
Apple and Android stores in Australia, the United States, and
the United Kingdom in April 2012. Consumers in those stores
and countries downloaded the app after viewing the study
information and consent. The app page summarized consent
information before download and we also included it in the
terms of use agreement. We also included the consent form and
participant information sheet inside the app “About” section so
users can get back to it easily (Figure 1 shows a screenshot of
the study app).

Figure 1. Screenshots of the study app.

App Design and Data Collection
QA is a smartphone app developed specifically for this study.
It contains two major parts: (1) evidence-based information
about smoking cessation, and (2) a questionnaire. The
questionnaire collected data about demographics, smoking
behavior, and nicotine dependency using the Fagerström scale
[19], stage of change [20,21], previous use of smoking cessation
apps, and general use of health related apps. When the user
opened the app for the first time, it extracted the unique device
identifier, encrypted it, and registered the user in the study’s
database. This allowed anonymous data collection, eliminated
the need for registration, and prevented duplication, as each
device has only one chance of being in our records, even if the
user reinstalls the app or the OS. The app’s first section, “Home”
(Figure 1), contained information such as health effects of
smoking and quitting options collected from recent research
and health reports. The average level of the information on the
http://mhealth.jmir.org/2014/1/e4/
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Flesch-Kincaid readability test was 8th grade (age 14). Any
time the user opened a category, the app sent the time and date
of each view to the Web-based database as soon as an Internet
connection was available. At the end of each category there
was: (1) a reference list, and (2) an optional Likert-scale question
to rate the motivational effect of the provided information in
each category. In the second section, “My Score” (Figure 1),
users completed the questionnaire. After submitting it, they
received feedback about their nicotine dependency. Answers
automatically went to the study’s database. Participants could
only submit the questionnaire once, even if they deleted and
reinstalled the app. Participants could not submit the
questionnaire without completing all questions. The app was
pretested by a group of users in various situations to assure the
accuracy of the transferred data, and to test the other app
functions such as country detection. In addition, to minimize
the possibility of some users installing the app on more than
one device, we have implemented a server-side Internet Protocol
JMIR Mhealth Uhealth 2014 | vol. 2 | iss. 1 | e4 | p. 3
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(IP) monitoring that can identify the users that use different
devices connected to the same Internet network at similar times.
Although this function was pretested successfully, no cases
were identified during the data collection. Finally, because the
app stores accuracy of limiting the app to specific countries is
unknown, we have implemented a location identification
function to know the users country the first time they open the
app.

Analysis
Descriptive analysis was used to assess the uptake of the app
and the characteristics of the users’ ratings of the information
categories. Bivariate analysis (chi-square and one way analysis
of variance) helped examine the differences between countries
in terms of user characteristics. Logistic regression controlling
for demographics (age, gender, country, and education level)
was used to investigate variables related to prior use of smoking
cessation apps and the effect of app type on quit attempts.

Results
Uptake
Figure 2 shows, in one year, 1751 users downloaded the app
from both stores, 72.98% (1278/1751) from the Apple Store
and 27.01% (473/1751) from the Android Market. Of those
1751, 47.68% (835/1751) were from the United States, 29.18%
(511/1751) from the United Kingdom, 16.68% (292/1751) from
Australia, and 6.45% (113/1751) from other countries. The
lowest Android download rate was in Australia at 9.7% (46/473),
compared with 19.25% (246/1278) for Apple OS. After
excluding users who submitted the questionnaire from other
countries, 602 had submitted it, with an overall response rate
of 36.75% (602/1638). The highest response rate was 44.8%
(131/292), from Australia.

Participants' Characteristics
Of those 602 who submitted the questionnaire, 50.0% (301/602)
were from the United States, 28.2% (170/602) from the United
Kingdom, and 21.8% (131/602) from Australia. The majority
of participants 76.4% (460/602) were using Apple devices. The
participants’ mean age was 32 and the median 31 years (18-67).
Female participants outnumbered males by 17.6% (106/602).
The most common level of education reported was “High
School.” A chi-squared (χ2) test showed a significant
education-level difference between countries (Table 1).
Countries differed significantly in gender distribution, with
women only outnumbering men in the United States. After
assuring the homogeneity of variance a one-way analysis of
variance revealed no significant differences between countries
in terms of age–F2,601= 2.6, P=.07. Furthermore, there were no
significant differences between countries in term of language
spoken at home and OS used.

Smoking Status
The Fagerström scale puts 44.5% (268/602) of the participants
at a low or very low nicotine dependency, and 55.5% (334/602)
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at a medium to very high nicotine dependency (Table 1). After
assuring the homogeneity of variance, a one-way analysis of
variance revealed significant national differences in nicotine
dependency scores, F2,601=4.4, P=.01. Post hoc comparisons
using Tukey’s HSD test indicated that the mean score for
Australia (mean 5.4, SD=2.4) was significantly higher than that
of the United States (mean 4.6, SD=2.4). UK participants (mean
4.7, SD=2.7) did not differ significantly from either Australian
or US participants.
Most participants 77.2% (465/602) were willing to quit in the
next 30 days (preparation stage of change), and most of them
67.6% (407/602) had attempted to quit at least once in the
previous year. A quitting attempt was defined as one that had
lasted at least 24 hours. There was a significant difference
between countries in terms of willingness to quit, but none in
terms of previous quitting attempts.
There were 88.7% (401/452) of participants that had not
contacted the “Quitline” services in their countries in the last
year, with no significant variation between countries χ2=0.7,
P=.71. Moreover, 71.7% (324/452) of participants had not
contacted their health care professionals regarding quitting in
the last year. However, here there was a significant variation
χ2=7.9, P=.019, with 38% (36/93) of Australian participants
contacting health professionals compared to 30.0% (36/120) in
the United Kingdom, and 23.4% (56/239) in the United States.
There were 54.5% (328/602) of the participants that had used
smoking cessation apps in the past, and the majority 75.6%
(248/328) had made a quitting attempt that lasted at least 24
hours using an app. There were no significant differences
between countries in terms of using smoking cessation apps in
the past and making quitting attempts using those apps. There
were 33.0% (82/248) of those who made quitting attempts using
an app that had lasted more than one week abstaining from
smoking.
Three or more quit attempts in the past year were associated
with previous smoking cessation app use (OR 3.3, 95% CI
2.1-5.2). There was a suggestion of a dose-response relationship
between the number of quit attempts and smoking cessation
app use with two or more attempts also being associated (OR
2.9, 95% CI 11.8-4.7). In addition, difficulty to refrain from
smoking in banned areas was associated with the likelihood of
the participants trying smoking cessation apps (OR 1.5, 95%
CI 1.0-2.1).
“Smoking counter” apps were the most frequently used,
followed by “motivation” apps (Table 2). We have investigated
if the use of any of these app types was associated with quitting
attempts, controlling for age, gender, country, and education
level. To do this, we asked users if they have used smoking
cessation apps previously, what type of apps they have used,
and if they tried to quit using these apps. We found an
association between “smoking counter” apps and participants
quitting attempts in the past (OR 2.2, 95% CI 1.2-3.6).

JMIR Mhealth Uhealth 2014 | vol. 2 | iss. 1 | e4 | p. 4
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

BinDhim et al

Figure 2. Flowchart of the recruitment process. The percentages were rounded up to the nearest whole.
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Table 1. Participants’ characteristics by country (n=602).
Country

Total

Characteristics

AU n (%)

UK n (%)

US n (%)

n (%)

Age, mean (SD) (years)

33.2 (9.4)

30.8 (9.9)

32.6 (10.2)

32.2 (9.9)

Sex
Female

65 (49.6)

79 (46.5)

210 (69.8)

354 (58.8)

Male

66 (50.4)

91 (53.5)

91 (30.2)

248 (41.2)
28.7 (.001)

High school

73 (55.7)

67 (39.4)

161 (53.5)

301 (50.0)

Diploma/Associate

12 (9.2)

33 (19.4)

57 (18.9)

102 (16.9)

Graduate (Bachelor)

21 (16)

25 (14)

32 (10)

78 (13)

Master Degree or higher

5 (3)

5 (2)

19 (6)

29 (4)

Others

20 (15)

40 (23)

32 (10)

92 (15)

Language spoken at home

5.5 (.64)

English

117 (89.3)

157 (92.4)

287 (95.3)

561 (93.2)

Others (14 Languages)

14 (10)

13 (7)

14 (4)

41 (6)

OS

3.7 (.15)
Apple

105 (80.2)

135 (79.4)

220 (73.1)

460 (76.4)

Android

26 (19.8)

35 (20.6)

81 (26.9)

142 (23.6)

Nicotine dependency (Fagerström)

20.9 (.009)

Very low (0-2)

21 (16.0)

39 (22.9)

64 (21.3)

124 (20.6)

Low (3-4)

23 (17.6)

39 (22.9)

82 (27.2)

144 (23.9)

Medium (5)

17 (13)

28 (16)

39 (13)

84 (14)

High (6-7)

43 (32.8)

31 (18.2)

82 (27.2)

156 (25.9)

Very high (8-10)

27 (20)

33 (19)

34 (11)

94 (15)

Stage of change

11.2 (.02)
Next 30 days (preparation)

93 (71.0)

125 (73.5)

247 (82.1)

465 (77.2)

Next 6 months (contemplation)

28 (21.4)

31 (18.2)

45 (15.0)

104 (17.3)

14 (8)

9 (3)

33 (5)

Not thinking of quitting (precontem- 10 (7)
plation)
Number of quitting attempts last year

4.9 (.55)

1 time

35 (26.7)

33 (19.4)

56 (18.6)

124 (20.6)

2 times

21 (16.0)

36 (21.2)

66 (21.9)

123 (20.4)

3 or more

32 (24.4)

46 (27.1)

82 (27.2)

160 (26.6)

Never

43 (32.8)

55 (32.4)

97 (32.2)

195 (32.4)

Yes

77 (58.8)

93 (54.7)

158 (52.5)

328 (54.5)

No

54 (41.2)

77 (45.3)

143 (47.5)

274 (45.5)

Yes

56 (46.2)

74 (79.5)

118 (74.6)

248 (75.6)

No

21 (53)

19 (20)

40 (25)

80 (24)

Used smoking cessation apps before?

1.4 (.48)

Made quitting attempt using an app? (n=328)
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30.4 (.001)

Education
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χ2 (P)

1.0 (.60)
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Table 2. Number of participants who have used any type of smoking cessation apps in the past.
Made quitting attempt
Used by number of

a

Type of smoking cessation app

participantsa

Yes n (%)

No n (%)

χ2 (P)

Smoking counters (eg, count
smoke free days or number of
smoked cigarattes)

174

143 (82.2)

31 (17.8)

7.9 (.005)

Motivation (provide motivational
messages)

113

86 (76.1)

27 (23.9)

0.0 (.99)

Text information (provide text info 76
about smoking cessation)

59 (77)

17 (22)

0.1 (.75)

Combination of different types

68

46 (67)

22 (32)

2.4 (.12)

Hypnosis

51

42 (82)

9 (17)

1.0 (.29)

Some participants have used more than one app.

Participants' Use of Other Health Related Apps
Half of our respondents 50.2% (302/602) had used other health
related apps in the past. Of these, 89.4% (270/302) were using
health related apps at least weekly and 21.2% (64/302) daily.
Participants were asked–“Have you ever checked the credibility
of the developer or publisher of the health apps that you are
currently using?”, and we found that 77.5% (234/302) of them
had never checked and there was no difference by country
(χ2=0.3, P=.86). Of those who had used health related apps in
the past, 51.9% (157/302) used “Diet and Weight Management”
apps, followed by 36.4% (110/302) “Training and Physical
Activity,” 31.7% (96/302) “Health and Medication Information,”
23.2% (70/302) “Pregnancy and Ovulation Calculators and
Calendars,” and 19.5% (59/302) “Medication Intake Reminder.”
Very few participants had used “Diabetes Management” and
“Asthma Control or Management” apps, 4.3% (13/302) and
3.3% (10/302) respectively.

Discussion
Results Summary
In this study, 1638 participants from Australia, the United
Kingdom, and the United States downloaded a free smoking
cessation app over a 1-year period, and 36.75% (602/1638) of
them completed an in-app questionnaire. The majority of
respondents 77.2% (465/602) were willing to quit within the
next 30 days, and 67.6% (407/602) have tried to quit at least
once in the past year. Almost half had used smoking cessation
apps in the past, and most had never checked the credibility of
their health apps’ publisher. Most respondents never sought
“Quitline” help 88.7% (401/452), or health care professional
help 71.7% (324/452) in the last 12 months. Those who tried
to quit twice or more in the last year, and those who find it
difficult to refrain from smoking in banned areas, were more
likely users of smoking cessation apps in the past.

Information Ratings

Number of App Downloads

Few app users rated the information, with most rating only some
sections. “Smoking Consequences” information received ratings
from 105 participants; with 75.2% (79/105) agreeing it had
motivated them to quit. “Quitting Assistance Options” received
93 ratings; with 54% (51/93) agreeing it motivated them to quit,
and 8% (8/93) disagreeing. “Myth Busting” also received 93
ratings, 64% (60/93) agreeing and 10% (10/93) disagreeing.
“Before Quitting” received 87 ratings, with 70% (61/87)
agreeing, “After Quitting” received 85, with 89% (76/85)
agreeing. “After Quitting” and “Smoking Consequences”
received the most positive responses, while “Quitting Assistance
Options” received the least. However, the average number of
times participants looked at any information category was 5.4,
with no significant differences by country (χ2, P=.85).
Chi-square analysis revealed a significant difference in stage
of change between participants who looked at the five
information categories, and those who did not (P=.03). Further
logistic regression analysis controlling for age, gender,
education, country, and time of recruitment showed that being
in the “Preparation stage” or “Willing to quit in the next 30
days” were associated with looking at all the information (OR
1.7, 95% CI 1.1-2.7).

In this study, we have examined the app uptake naturally without
external promotion, and this may explain the small number of
downloads over one year. In addition, the fact that smoking
prevalence in the included countries varies from 15% to 20%
with the lowest in Australia 15% [22] and highest in the United
Kingdom 20% [23]. Therefore, the app downloads might be
affected by the country population, prevalence of the condition,
and the smartphone uptake in each country. Moreover, apps can
also be affected by the app store rankings (where the apps are
ranked higher), resulting in more exposure, and consequently
more downloads [24].
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Although the ownership of Android OS devices is twice that of
Apple devices, the uptake of this study app was more than 2
times less in the Android Market over the 12-month period.
Another study reported a low uptake of Android apps in the
United States, where only 45 participants downloaded the study
app during 2 months [25]. Interestingly, the study reported that
more than 100 email messages and phone calls were received
from Apple users showing interest in downloading the app
whenever it was available in the Apple App Store [25]. Thus,
even though Android OS users are double the Apple OS users,
due to the fact that some Android devices are very inexpensive
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compared to Apple devices, we assume that some Android users
are not recognizing it as a smartphone and are therefore not
interested in apps, or maybe they do recognize it, but just do
not have a need for the apps.
A number of users from other countries have been able to
download the app at 6.8% (32/473) in the Android Market and
5.56% (71/1278) in the Apple store. Future studies should not
take the app store function of limiting the app to a specific
country for granted, and they may have to implement extra
functions in the app to validate if the users are actually from
the countries of interest, for example, a location identification
service to know the users’ country the first time they open the
app (as was used in this study). The ability of users from
countries outside of this study to download this study app might
be due to their using app store accounts registered for one of
the countries of interest, or some other users might be using a
proxy Internet connection that uses an IP of one of the countries
of interest in this study.
This study app was able to reach smokers in the countries
included in this study. Participants were similar in age and
number of previous quitting attempts, and most sought smoking
cessation help only in this new medium and not from
professionals. This might be due to the app’s easier accessibility,
privacy, anonymity, and portability. However, the documented
low quality of smoking cessation apps, exaggerated claims of
effectiveness, and the large number of prosmoking apps that
claim smoking cessation, all help decrease these apps’ usefulness
and lead to failed quitting attempts. Although there were almost
75.6% (248/328) of participants who had tried smoking cessation
apps in the past to quit for good, only 33.0% (82/248) abstained
for more than one week, which might reflect the available apps’
low quality.

Number of Smoking Cessation Attempts
Previous quit attempts were associated with a two-fold increase
in the use of smoking tracking cessation apps. Investigators
have not yet explored the reasons for this. However, it might
be due to design, popularity, or smartphones’ constant proximity,
letting users monitor their progress anywhere and anytime [26],
reinforcing tracking’s already documented effectiveness [27-29].
A three-fold increase in smoking cessation app use was
associated with three or more quit attempts in the previous year.
This might be due to the documented positive relationship
between motivation to quit and number of quitting attempts
[30,31], and the number of previous quitting attempts as an
independent predictor of making a new quitting attempt [32].
In addition, respondents who found difficulty in refraining from
smoking in banned areas were approximately twice as likely to
try smoking cessation apps. This finding is consistent with other
studies that found that smokers who lived or worked under a
smoking ban were more likely to report quitting attempts
[33,34].

Previous Health Apps Use
There were 50.2% (302/602) of participants that used health
related apps in the past, and of those, about 89.4% (270/302)
used them at least weekly, but 77.5% (234/302) never checked
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the credibility of the health app publisher. Although we have
not provided a specific definition of app “credibility” and relied
on the users’ self-definition, this still poses a problem since
many studies indicate low reliability and quality in all health
related apps covering such topics as smoking [1,16], asthma
[35], cancer [36], and pain management [37]. Thus, there is a
need for better, evidence-based health apps, and more
information about the quality of the current ones. App stores
might also cooperate with public health institutions and
researchers to improve the quality of health related apps and
their reach.

Response Rate
The feasibility of using smartphones as a research tool shows
some promise with an unprompted response rate of 36.75%
(602/1638) to our in-app questionnaire, and response rates as
high as 44.9% (131/292) in Australia, and as low as 33.3%
(170/511) in the United Kingdom. However, the response rate
for rating the page content was very low and may be due to the
fact that the page rating did not provide the users with feedback
as was done in the questionnaire. A recent study explored using
personalized feedback as incentive to increase compliance in
Web-based questionnaires [38]. In addition, the variation in the
rating responses may be due to the design of the rating process,
as we have included the rating of each information page at the
end of it. Asking the participants to rate all the pages at once
after reading them all at once may eliminate the response
variation problem.

Study Limitations
This study also examined the feasibility of a new research
recruitment methodology. There are no data available to adjust
the nonrespondents or self-selection bias for such a study.
Moreover, one of the limitations of this study cross-sectional
methodology is the inability to identify the nonrespondents
characteristics. Although the sampling method of this
exploratory feasibility study was limited by selection bias, it
provides for the first time to our knowledge, some useful data
to suggest that smoking cessation apps are being used by people
who want to quit and may also be a feasible tool for smoking
cessation support and evaluation. Future studies could increase
the response rate by implementing a reminder function in the
app or use the push-notification services.

Conclusions
This exploratory feasibility study shows that smartphone apps
are a promising medium to reach smokers in Australia, the
United Kingdom, and the United States. The countries differed
little in some demographics and smoking status. Current smokers
from the three countries, mostly ready to quit in the near future,
but eschewing professional help, have downloaded smoking
cessation apps in the past and tried using them to quit; however,
the low quality of apps in the field undermines these efforts.
Thus, this study has shown that smartphone smoking cessation
apps can reach smokers across multiple nations. This paper has
also shed some light on participants’ use of other health related
apps and identified an alarming trend of consumers using health
apps without knowing the credibility of its publishers.

JMIR Mhealth Uhealth 2014 | vol. 2 | iss. 1 | e4 | p. 8
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

BinDhim et al

Acknowledgments
The University of Sydney’s Human Research Ethics Committee approved this project.

Authors' Contributions
Authors' Contributions: NB was responsible for conceptual development, data collection, and drafting of the manuscript. LT and
NB were responsible for the study design. NB and KM were responsible for the data analysis. All authors participated in editing
and revising the manuscript. All authors read and approved the final manuscript.

Conflicts of Interest
Conflicts of Interest: None declared.

References
1.
2.

3.
4.

5.

6.

7.

8.
9.
10.
11.
12.
13.
14.

15.

16.
17.

18.

BinDhim NF, Freeman B, Trevena L. Pro-smoking apps for smartphones: The latest vehicle for the tobacco industry? Tob
Control 2014 Jan;23(1):e4. [doi: 10.1136/tobaccocontrol-2012-050598] [Medline: 23091161]
Mackay M. Mobile Industry Group. Sydney: Australian Interactive Media Industry Association; 2012. Australian mobile
phone lifestyle indexURL: http://www.aimia.com.au/getfile?id=4422&file=AMPLI+2012+Report_FINAL_September+17.
pdf [accessed 2012-11-04] [WebCite Cache ID 6MbAJf0Ad]
Ofcom.: Ofcom; 2012. Smartphone take-up, by ageURL: http://stakeholders.ofcom.org.uk/market-data-research/market-data/
communications-market-reports/cmr12/market-context/uk-1.42 [accessed 2012-10-09] [WebCite Cache ID 6BHURNg2u]
Nielsenwire.: Nielsenwire; 2012. Young adults and teens lead growth among smartphone ownersURL: http:/
/stephenslighthouse.com/2012/09/11/young-adults-and-teens-lead-growth-among-smartphone-owners/ [accessed 2014-01-13]
[WebCite Cache ID 6MbAhXic0]
Arthur C. The Guardian.: The guardian Android is most-used smartphone OS in UK, overtaking Apple, data showsURL:
http://www.guardian.co.uk/technology/2012/feb/21/android-smartphones-os-uk-apple [accessed 2013-07-23] [WebCite
Cache ID 6IJmkfsJ1]
Pope S. Apple Press Info.: Apple Press; 2009. Apple's revolutionary app store downloads top one billion in just nine
monthsURL: http://www.apple.com/pr/library/2009/04/
24Apples-Revolutionary-App-Store-Downloads-Top-One-Billion-in-Just-Nine-Months.html [accessed 2013-07-23] [WebCite
Cache ID 6IJmsaLVy]
Sims D. Apple Press Info.: Apple Press; 2013. App store tops 40 billion downloads with almost half in 2012URL: http:/
/www.apple.com/au/pr/library/2013/01/07App-Store-Tops-40-Billion-Downloads-with-Almost-Half-in-2012.html [accessed
2013-07-23] [WebCite Cache ID 6IJmx3UdX]
Pope S. Apple Press Info.: Apple Press; 2011. Apple's app store downloads top 15 billionURL: http://www.apple.com/pr/
library/2011/07/07Apples-App-Store-Downloads-Top-15-Billion.html [accessed 2013-07-23] [WebCite Cache ID 6IJn1Hbhx]
Android official blog. 2012. Google Play hits 25 billion downloadsURL: http://officialandroid.blogspot.com.au/2012/09/
google-play-hits-25-billion-downloads.html [accessed 2013-07-23] [WebCite Cache ID 6IJn54lpB]
The official Google blog. 2011. 10 billion Android Market downloads and countingURL: http://googleblog.blogspot.com.au/
2011/12/10-billion-android-market-downloads-and.html [accessed 2013-07-23] [WebCite Cache ID 6IJnAg2D1]
Stoddard J, Delucchi K, Muñoz R, Collins N, Stable EP, Augustson E, et al. Smoking cessation research via the internet:
A feasibility study. J Health Commun 2005;10(1):27-41. [doi: 10.1080/10810730590904562] [Medline: 15764442]
Lenert L, Muñoz RF, Stoddard J, Delucchi K, Bansod A, Skoczen S, et al. Design and pilot evaluation of an internet smoking
cessation program. J Am Med Inform Assoc 2003;10(1):16-20 [FREE Full text] [Medline: 12509354]
Etter JF, Perneger TV. Effectiveness of a computer-tailored smoking cessation program: A randomized trial. Arch Intern
Med 2001 Nov 26;161(21):2596-2601. [Medline: 11718591]
An LC, Klatt C, Perry CL, Lein EB, Hennrikus DJ, Pallonen UE, et al. The RealU online cessation intervention for college
smokers: A randomized controlled trial. Prev Med 2008 Aug;47(2):194-199. [doi: 10.1016/j.ypmed.2008.04.011] [Medline:
18565577]
Bock B, Graham A, Sciamanna C, Krishnamoorthy J, Whiteley J, Carmona-Barros R, et al. Smoking cessation treatment
on the Internet: Content, quality, and usability. Nicotine Tob Res 2004 Apr;6(2):207-219. [doi:
10.1080/14622200410001676332] [Medline: 15203794]
Abroms LC, Padmanabhan N, Thaweethai L, Phillips T. iPhone apps for smoking cessation: A content analysis. Am J Prev
Med 2011 Mar;40(3):279-285 [FREE Full text] [doi: 10.1016/j.amepre.2010.10.032] [Medline: 21335258]
Valdivieso-López E, Flores-Mateo G, Molina-Gómez JD, Rey-Reñones C, Barrera Uriarte ML, Duch J, et al. Efficacy of
a mobile application for smoking cessation in young people: Study protocol for a clustered, randomized trial. BMC Public
Health 2013;13:704 [FREE Full text] [doi: 10.1186/1471-2458-13-704] [Medline: 23915067]
BinDhim NF, McGeechan K, Trevena L. International clinical trial registry platform. Assessing the effect of an interactive
decision-aid smartphone smoking cessation application (app) on quit rates: A double-blind randomized control trialURL:

http://mhealth.jmir.org/2014/1/e4/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2014 | vol. 2 | iss. 1 | e4 | p. 9
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

19.
20.

21.
22.

23.
24.
25.
26.
27.
28.
29.
30.
31.
32.

33.
34.

35.
36.

37.
38.

BinDhim et al

http://apps.who.int/trialsearch/trial.aspx?trialid=ACTRN12613000833763 [accessed 2014-01-11] [WebCite Cache ID
6MXcAHS7x]
Heatherton TF, Kozlowski LT, Frecker RC, Fagerström KO. The Fagerström test for nicotine dependence: A revision of
the Fagerström Tolerance Questionnaire. Br J Addict 1991 Sep;86(9):1119-1127. [Medline: 1932883]
DiClemente CC, Prochaska JO, Fairhurst SK, Velicer WF, Velasquez MM, Rossi JS. The process of smoking cessation:
An analysis of precontemplation, contemplation, and preparation stages of change. J Consult Clin Psychol 1991
Apr;59(2):295-304. [Medline: 2030191]
Velicer WF, Fava JL, Prochaska JO, Abrams DB, Emmons KM, Pierce JP. Distribution of smokers by stage in three
representative samples. Prev Med 1995 Jul;24(4):401-411. [doi: 10.1006/pmed.1995.1065] [Medline: 7479632]
Australian Institute of Health and Welfare. Drug statistics series no. 25 Cat. no. PHE 145. Canberra; 2011. 2010 National
drug strategy household survey reportURL: https://www.aihw.gov.au/WorkArea/DownloadAsset.
aspx?id=10737421314&libID=10737421314 [accessed 2012-10-27] [WebCite Cache ID 6MbCeXEYv]
Action on Smoking and Health. 2013. Smoking statistics: who smokes and how muchURL: http://ash.org.uk/files/documents/
ASH_106.pdf [accessed 2014-01-11] [WebCite Cache ID 6MXcWNZy1]
BinDhim NF, Freeman B, Trevena L. Pro-smoking apps: Where, how, and who are most at risk. Tob Control 2013 Sep 17.
[doi: 10.1136/tobaccocontrol-2013-051189] [Medline: 24046212]
Peck JL, Stanton M, Reynolds GE. Smartphone preventive health care: Parental use of an immunization reminder system.
J Pediatr Health Care 2014;28(1):35-42. [doi: 10.1016/j.pedhc.2012.09.005] [Medline: 23195652]
Piasecki TM, Richardson AE, Smith SM. Self-monitored motives for smoking among college students. Psychol Addict
Behav 2007 Sep;21(3):328-337. [doi: 10.1037/0893-164X.21.3.328] [Medline: 17874883]
McFall RM. Effects of self-monitoring on normal smoking behavior. J Consult Clin Psychol 1970 Oct;35(2):135-142.
[Medline: 5474283]
McFall RM, Hammen CL. Motivation, structure, and self-monitoring: Role of nonspecific factors in smoking reduction. J
Consult Clin Psychol 1971 Aug;37(1):80-86. [Medline: 5565631]
Febbraro GA, Clum GA. Meta-analytic investigation of the effectiveness of self-regulatory components in the treatment
of adult problem behaviors. Clin Psychol Rev 1998 Mar;18(2):143-161. [Medline: 9543623]
Gigliotti A, Laranjeira R. Habits, attitudes, and beliefs of smokers in four Brazilian capitals. Rev Bras Psiquiatr 2005
Mar;27(1):37-44 [FREE Full text] [Medline: 15867982]
Rose JS, Chassin L, Presson CC, Sherman SJ. Prospective predictors of quit attempts and smoking cessation in young
adults. Health Psychol 1996 Jul;15(4):261-268. [Medline: 8818672]
Li L, Feng G, Jiang Y, Yong HH, Borland R, Fong GT. Prospective predictors of quitting behaviours among adult smokers
in six cities in China: Findings from the International Tobacco Control (ITC) China Survey. Addiction 2011
Jul;106(7):1335-1345 [FREE Full text] [doi: 10.1111/j.1360-0443.2011.03444.x] [Medline: 21438942]
Farkas AJ, Gilpin EA, Distefan JM, Pierce JP. The effects of household and workplace smoking restrictions on quitting
behaviours. Tob Control 1999;8(3):261-265 [FREE Full text] [Medline: 10599569]
Glasgow RE, Cummings KM, Hyland A. Relationship of worksite smoking policy to changes in employee tobacco use:
Findings from COMMIT. Community Intervention Trial for Smoking Cessation. Tob Control 1997;6 Suppl 2:S44-S48
[FREE Full text] [Medline: 9583652]
Huckvale K, Car M, Morrison C, Car J. Apps for asthma self-management: A systematic assessment of content and tools.
BMC Med 2012;10:144 [FREE Full text] [doi: 10.1186/1741-7015-10-144] [Medline: 23171675]
Pandey A, Hasan S, Dubey D, Sarangi S. Smartphone apps as a source of cancer information: Changing trends in health
information-seeking behavior. J Cancer Educ 2013 Mar;28(1):138-142. [doi: 10.1007/s13187-012-0446-9] [Medline:
23275239]
Rosser BA, Eccleston C. Smartphone applications for pain management. J Telemed Telecare 2011;17(6):308-312. [doi:
10.1258/jtt.2011.101102] [Medline: 21844177]
Bälter O, Fondell E, Bälter K. Feedback in web-based questionnaires as incentive to increase compliance in studies on
lifestyle factors. Public Health Nutr 2012 Jun;15(6):982-988. [doi: 10.1017/S1368980011003041] [Medline: 22122870]

Abbreviations
apps: applications
IP: Internet Protocol
OS: operating system
QA: Quit Advisor

http://mhealth.jmir.org/2014/1/e4/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2014 | vol. 2 | iss. 1 | e4 | p. 10
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

BinDhim et al

Edited by F Pinciroli, C Pagliari; submitted 23.07.13; peer-reviewed by R Brady, M Orton; comments to author 19.09.13; revised
version received 24.10.13; accepted 05.12.13; published 06.02.14
Please cite as:
BinDhim NF, McGeechan K, Trevena L
Who Uses Smoking Cessation Apps? A Feasibility Study Across Three Countries via Smartphones
JMIR Mhealth Uhealth 2014;2(1):e4
URL: http://mhealth.jmir.org/2014/1/e4/
doi: 10.2196/mhealth.2841
PMID: 25098439

©Nasser F BinDhim, Kevin McGeechan, Lyndal Trevena. Originally published in JMIR mHealth and uHealth
(http://mhealth.jmir.org), 06.02.2014. This is an open-access article distributed under the terms of the Creative Commons Attribution
License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and reproduction in any
medium, provided the original work, first published in JMIR mHealth and uHealth, is properly cited. The complete bibliographic
information, a link to the original publication on http://mhealth.jmir.org/, as well as this copyright and license information must
be included.

http://mhealth.jmir.org/2014/1/e4/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2014 | vol. 2 | iss. 1 | e4 | p. 11
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

BinDhim et al

Original Paper

Does a Mobile Phone Depression-Screening App Motivate Mobile
Phone Users With High Depressive Symptoms to Seek a Health
Care Professional’s Help?
Nasser F BinDhim1, PhD; Eman M Alanazi1, MHI; Hisham Aljadhey2,3, PhD; Mada H Basyouni4, Mphil; Stefan R
Kowalski5,6, PhD; Lisa G Pont7, PhD; Ahmed M Shaman2, MClinPharm; Lyndal Trevena8, PhD; Tariq M Alhawassi2,3,
PhD
1

College of Health Sciences, Health Informatics, Saudi Electronic University, Riyadh, Saudi Arabia

2

College of Pharmacy, King Saud University, Riyadh, Saudi Arabia

3

Medication Safety Research Chair, King Saud University, Riyadh, Saudi Arabia

4

The Smart Health Project, Riyadh, Saudi Arabia

5

School of Pharmacy and Medical Sciences, University of South Australia, Adelaide, Australia

6

Sansom Institute for Health Research, University of South Australia, Adelaide, Australia

7

Centre for Health Systems and Safety Research, Australian Institute of Health Innovation, Macquarie University, Sydney, Australia

8

Public Health School, University of Sydney, Sydney, Australia

Corresponding Author:
Nasser F BinDhim, PhD
College of Health Sciences
Health Informatics
Saudi Electronic University
Abu Baker St
Riyadh, 11673
Saudi Arabia
Phone: 966 112613500 ext 1065
Fax: 966 112613578
Email: nbin6641@uni.sydney.edu.au

Abstract
Background: The objective of disease screening is to encourage high-risk subjects to seek health care diagnosis and treatment.
Mobile phone apps can effectively screen mental health conditions, including depression. However, it is not known how effective
such screening methods are in motivating users to discuss the obtained results of such apps with health care professionals. Does
a mobile phone depression-screening app motivate users with high depressive symptoms to seek health care professional advice?
This study aimed to address this question.
Method: This was a single-cohort, prospective, observational study of a free mobile phone depression app developed in English
and released on Apple’s App Store. Apple App Store users (aged 18 or above) in 5 countries, that is, Australia, Canada, New
Zealand (NZ), the United Kingdom (UK), and the United States (US), were recruited directly via the app’s download page. The
participants then completed the Patient Health Questionnaire (PHQ-9), and their depression screening score was displayed to
them. If their score was 11 or above and they had never been diagnosed with depression before, they were advised to take their
results to their health care professional. They were to follow up after 1 month.
Results: A group of 2538 participants from the 5 countries completed PHQ-9 depression screening with the app. Of them, 322
participants were found to have high depressive symptoms and had never been diagnosed with depression, and received advice
to discuss their results with health care professionals. About 74% of those completed the follow-up; approximately 38% of these
self-reported consulting their health care professionals about their depression score. Only positive attitude toward depression as
a real disease was associated with increased follow-up response rate (odds ratio (OR) 3.2, CI 1.38-8.29).
Conclusions: A mobile phone depression-screening app motivated some users to seek a depression diagnosis. However, further
study should investigate how other app users use the screening results provided by such apps.
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Introduction
Great computational and storage abilities as well as proximity
to users potentially make mobile phone apps excellent health
research tools that are capable of delivering complex health
interventions [1]. In addition, research participants can be
recruited directly from app stores [2,3]. Hence, various studies
have explored the use of mobile phone apps locally and
cross-country for health research, including cross-sectional
studies [2,3], observational studies [4], and randomized
controlled trials [5,6].

Mobile phone and Mental Health Screening
Current research on apps for screening and monitoring mental
health has shown feasibility across diverse ranges of mental
health conditions, including depression [3], bipolar disorder
[7,8], anxiety disorders [9,10], and substance abuse disorders
[2,5,6-11]. Furthermore, recent studies suggest that mobile
phone ownership is very common among mental health patients
and they have a strong interest in using mobile phones to
monitor their mental health [12,13]. However, there is still very
limited evidence regarding the efficacy of mobile
phone-delivered mental health interventions or screening tools
[14]. The limited quantity of studies conducted in this domain
might be due to the lack of feasibility and low confidence that
these interventions and/or screening tools will reach the targeted
populations [3], and may be related to the fact that mobile phone
technology is still nascent compared with other delivery
channels for health interventions.
In a recent cross-sectional study, 8241 users from 66 countries
from Apple’s App Store downloaded a depression-screening
app [3]. A high percentage (73.9%) of app downloaders also
submitted responses to the screening questionnaire [3], with
25.7% reporting that they had previously been diagnosed with
depression [3]. Using two cutoff thresholds of the Patient Health
Questionnaire (PHQ-9) depression screening tool, it was found
that a large number of participants had high depressive
symptoms yet were undiagnosed [3-15]. The studied app also
reached various groups of people who were not previously
diagnosed with depression yet had high depressive symptoms,
and the app was able to reach a group of participants at risk of
suicide [3]. In another study in South Korea, 27,159 participants
were screened for bipolar spectrum disorders within a few
months [8].

Mobile Phone Apps’ Potential in Mental Health
Screening and Monitoring
Active data, in the form of questionnaires for mental health
screening or monitoring, can bring clinical assessments from
outside of the health care setting into the real-life environment,
lived and experienced by patients [16]. In addition, there are
dozens of mobile phone apps that provide mental health and
depression screening, but few advise users to discuss results
http://www.jmir.org/2016/6/e156/
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with their health care professionals and most do not provide
any guidance about how to use such results. Due to the wide
popularity of screening tests on mobile phone apps and on the
Internet, people are likely to access and use apps, especially if
aware of their depressive symptoms. However, once they are
aware of the potential seriousness of symptoms, it is critical
they take appropriate action and seek professional follow-up
by discussing the results with a health care professional.
However, it is not yet known how effective such screening
methods are in motivating users to seek appropriate professional
help. As the objective of screening for disease is to discover the
undiagnosed problem so that the users can be placed under
treatment [17], establishing an association between mobile
phone self-screening for mental health conditions and the actions
taken by the users based on their screening results is a critical
step in assessing the feasibility, efficacy, and cost-effectiveness
of such screening and monitoring methods.
The aim of this study was to address the following question:
Does a mobile phone depression-screening app motivate users
with high depressive symptoms to seek health care professional
advice?

Methods
Design
This study was a single-cohort, prospective, observational study
of a free mobile phone depression app that was developed in
English utilizing the “Health Monitor” app template [18] and
was released on Apple’s App Store. The users of the Apple’s
App Store from any country can download the app after
consenting to provided participant information; however, we
limited the app availability to 5 countries: Australia, Canada,
New Zealand (NZ), the United Kingdom (UK), and the United
States (US). We selected these countries based on their high
download and response rates in a previous feasibility study [3].
Users from other countries were excluded because, as provided
by a previous study, the app stores function of limiting app users
to specific countries in not fully accurate [2]. The research ethics
committee at King Saud University approved this study.

Participants
Apple App Store users aged 18 or above, from the 5 nominated
countries were recruited directly via the app’s download page
in the Apple App Store. The consent and participants’
information are summarized in the app download page (Figure
1) and are included in the “about” section of the app. The studied
app was published during the recruitment period (January 25
to March 25, 2015) to the Apple App Store, which was the main
portal for advertising this study’s app. In addition, to boost the
recruitment process, we advertised the app with demographic
targeting (by country) using an in-app advertisement, that results
in the app ad being displayed to Apple iPhone users while they
are using other apps.
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Figure 1. Screenshot of the app download page.

Recruitment and Data Collection
When a participant downloaded the app and ran it for the first
time, the app assigned a unique device identifier to the user’s
device and registered it in our secure online research database.
The identifier will not change even if the user deletes the app
or resets the device. This allowed anonymous data collection
and prevented duplicate enrollments. After submitting
demographic and baseline data on the first screen of the app,
which included educational level, employment and income
status, and other health-related characteristics such as chronic
conditions, (Figure 2) the app users were able to complete the
PHQ-9 on the second screen, including previous depression
diagnosis and treatment as well as other depression risk factors,
and were able to see their depression screening score. The
PHQ-9 was selected over other depression screening tools
because (1) it has been validated for use among various age
http://www.jmir.org/2016/6/e156/
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groups [19-21] and (2) there appears to be strong correlation
between scores reported from the app and scores reported on
paper, with app-collected scores 3.02 (SD 2.25) points higher
on average [22].
If the users get a score of 11 or more, the app recommends they
discuss the test score with a health care professional. A threshold
score of 11 or above was selected based on the literature, which,
in pooled estimates of 10 studies had the best trade-off between
sensitivity, 0.89 (95% CI 0.75 to 0.96), and specificity, 0.89
(95% CI 0.79 to 0.94) [23]. It is important to note that our app
did not provide a diagnosis to the user as our main intention
was to replicate the available mental health screening tests on
the mobile phone app stores or the Internet. The classification
of participants based on the PHQ-9 cutoff 11 was used internally
and was not communicated to the participants.
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In addition, all of the participants with PHQ-9 scores of 11 or
above who did not indicate a previous diagnosis of depression
were listed for automated follow-up after 1 month using push
notifications. Push notification permits the database server to
send messages to a specific user (similar to mobile short
message service) at specified times or after a specific task, free
of cost [24]. The 1-month follow-up period was selected
arbitrarily because there are no specific guidelines regarding a

BinDhim et al
definitive follow-up period but it struck a balance between
clinical responsibility and effective push notification practicality.
However, at the follow-up, we asked participants if they had
discussed the results the app provided with a health care
professional, and if so, that professional had diagnosed them
with depression or not. We sent 5 push notification reminders
over a 10-day period to help increase the follow-up response
rate.

Figure 2. Screenshots of the app.

Data Analysis
The mean and SD of the quantitative variables were presented
if they had a normal distribution, or the median and range were
presented, as appropriate, and compared using t tests. We
presented the categorical variables as percentages and CIs, and
compared using Pearson’s chi-square test. As this study used
automated electronic data collection, there were no missing
values in the baseline data; the app also includes a data integrity
check to prevent users from entering invalid data (such as a
maximum age of 99). We used logistic regression to explore
factors associated with response rate to the follow-up and with
seeking professional help.
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Results
Uptake and Demographics
In 2 months, 3984 users downloaded the app and 2689 out of
3984 (67.49%) completed the PHQ-9 screening. Of those who
completed the screening, 151 users were not eligible for
follow-up because they were not from the 5 countries targeted
in this study and we were unable to identify from which country
were. Thus, 2538 participants were included in this study and
were eligible for follow-up. Table 1 shows the participants’
demographics.
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Table 1. Demographics.
Characteristics

Total
n (%)

Age (median range) (years)

27.0 (18-75)

Sex
Female

1143 (45.0)

Male

1395 (54.9)

Australia

283 (11.2)

Canada

541 (21.3)

United Kingdom

1108 (43.7)

United States

497 (19.6)

New Zealand

109 (4.3)

Above high school

1177 (46.4)

High school or less

1361 (53.6)

Less than US $20,000/year

1276 (50.3)

US $21,000-49,000/year

720 (28.4)

More than US $50,000/year

542 (21.4)

Employed

1151 (45.4)

Self-employed

285 (11.2)

Student

593 (23.4)

Unemployed

509 (20.0)

Country

Education

Income level

Employment status

Table 2. Country-based prevalence of undiagnosed higher risk of depression using the PHQ-9 threshold of 11.
Country
Australia

Canada

New Zealand

United Kingdom

United States

Total

Low depressive symptoms (PHQ 11) 206 (67.3%)

390 (71.8%)

66 (72.5%)

774 (69.9%)

368 (74.0%)

1804 (70.9%)

High depressive symptoms (PHQ 11) 100 (32.7%)

153 (28.2%)

25 (27.5%)

334 (30.1%)

129 (26.0%)

741 (29.1%)

Depression Screening and Follow-Up
There were 741 participants out of 2538 (29.1%) with high
depressive symptoms (PHQ ≥ 11) as shown in Table 2, of which
419 (56.5%) had been previously diagnosed with depression.
A total of 322 participants, therefore, fulfilled the study criteria
for follow-up reminder messages. Of those who followed up,
239 out of 322 (74.2%) completed the follow-up questions.
Addressing the principal aim of this study, 91 out of 239 (38%)
self-reported consulting their health care professionals about
the depression score provided via the app.
Broken down by country of origin, 26 out of 53 (49%)
Australian participants, who followed up, reported consulting
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their health care professionals regarding their PHQ-9 scores,
compared with 23 out of 50 (46%) from Canada, 28 out of 85
(33%) from the United Kingdom, and only 14 out of 51 (27%)
from the United States, with no differences between the
countries (χ23= 7.4, P=.059). Eventually, 27 out of 91 (29%)
participants self-reported being diagnosed with depression as
a result of the consultation with health care professionals.
Logistic regression analysis incorporating demographics (Table
1) and health characteristics variables (Table 3) identified only
positive attitude toward depression as a real disease as being
associated with increased follow-up response rate OR 3.2, CI
1.38–8.29.
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Table 3. Health characteristics.
Characteristics

Total
n (%)

Alcohol consumption

Never

1218 (48.0)

1-2 standard drinks/occasion

648 (25.6)

3-4 standard drinks/occasion

299 (11.8)

5+ standard drinks/occasion

373 (14.6)

No

1747 (68.8)

Yes

791 (31.2)

No

1934 (76.2)

Yes

604 (23.8)

PHQ-9 cutoff of 11 or above

741 (29.2)

PHQ-9 less than cutoff of 11

1797 (70.8)

No

1725 (67.9)

Yes, 10 cigarettes or less/day

352 (13.9)

Yes, 11-20 cigarettes/day

310 (12.2)

Yes, 21 cigarettes or more/day

151 (5.9)

Strongly agree/Agree

2184 (86.1)

Neutral

262 (10.3)

Strongly disagree/Disagree

92 (3.6)

Strongly agree/Agree

1107 (43.6)

Neutral

1089 (42.9)

Strongly disagree/Disagree

342 (13.4)

Strongly agree/Agree

1407 (55.4)

Neutral

843 (33.2)

Strongly disagree/Disagree

288 (11.4)

Chronic disease

Depression diagnosis

High depressive symptoms

Cigarette smoking

Attitude toward depression (Depression is a real illness)

Attitude toward anti-depressant medications (Do they
help restore normal level of functioning?)

Attitude toward counseling (Help restore normal level
of functioning)

Discussion
In this study, 2538 participants from Australia, Canada, New
Zealand, the United Kingdom, and the United States, completed
the PHQ-9 depression screening using a mobile phone app. Of
the respondents, 322 participants with high depressive symptoms
who had not previously been diagnosed with depression were
directed via the app to seek health care professional advice. The
app also sent a follow-up message after 1 month using a mobile
phone push notification asking users if they had sought health
professional advice for the depression score they received from
the app. Approximately 74% (239 out of 322) of users who
http://www.jmir.org/2016/6/e156/
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scored highly on the app completed the follow-up, of which
38% (91 out of 239) had self-reported that they had consulted
their health care professionals about the depression score
provided via the app. The highest proportions of participants
who had consulted a health care professional were from
Australia and Canada.

Depression Screening via Mobile Phone App and
Motivation to Seek Help
This study demonstrated that mobile phone users from a variety
of countries were willing to use the depression-screening app
and some acted on the results. More than one-third of the
follow-up respondents acted on the recommendation provided
J Med Internet Res 2016 | vol. 18 | iss. 6 | e156 | p. 6
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via the app and 29% (27 out of 91) self-reported that they had
received a diagnosis of depression from their health care
professional at follow-up. This shows that mobile phone
depression screening can influence users to discuss results
obtained from a mobile phone screening test. However, we still
do not know how the majority who did not sought help benefited
from or used screening results.
The findings of this study on the ability of depression screening
to motivate some of those screened to discuss the results with
health care professionals are well matched with previous studies
[25]. Although in this study we relied on the user to initiate the
processes of seeking the health care professional help to interpret
the results, such mobile phone mental health screening might
be more effective if linked to electronic health records so that
clinicians can view it to enhance the communication process.
This should also follow the US Preventive Services Task Force’s
recent recommendations about screening for depression in the
general adult population, which also recommends adequate
systems in place to ensure accurate diagnosis, effective
treatment, and appropriate follow-up [26].

Depression Prevalence and Usage of the
Depression-Screening App
Different studies have shown a strong relationship between
socioeconomic status and the prevalence of depression. In this
study, the majority of the participants who used the
depression-screening app were in a lower-income demographic
and earned less than US $20,000/year [27]. Although the
prevalence of depression in the United States is supposedly high
and has been reported to affect approximately 1 in 5 people
[27,28], there were fewer participants from the United States,
497 (19.6%), than from the United Kingdom, 1108 (43.66%).
There was a similar finding, 109 (4.3%) participants in the New
Zealand subgroup that had previously been reported to have a
high prevalence of depression had a lower response rate in this
study. Thus, variations in mobile phone use and app ranking in
each country might be the major causes of such variation [29].

Variation in Seeking Health Care Professional Advice
Australia and Canada had the highest proportions of users 49%
(26 out of 53) and 46% (23 out of 50) respectively, who scored
high on the app and reported going on to discuss the results with
health care professionals. One of the possible reasons why more
participants from Australia and Canada sought professional help
could have been access to low-cost subsidized government-run
health care systems. As previously mentioned, the majority of
the participants had incomes of less than $20K/year, 1276 out
of 2538 (50.28%). In the United States, the average direct annual
per patient costs were $10,402 for bipolar patients and $7494
for depressed patients [30]. Therefore, providing free or
affordable health care costs might be a major factor that
motivates people with depression to seek professional help after
general population screening. In addition, employees in the
United States who are treated for depression incur annual per
capita health and disability costs of $5415, which is significantly
more than other diseases like hypertension, and treatment
associated with a mean of 9.86 annual sick days, which is
significantly more than other conditions [31].
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Implications
There are various mobile phone apps in app stores that provide
mental health or other health screening assessment tools (such
as cancer screeners). However, the impact of such apps on
consumer decisions is unknown. Moreover, there is no universal
app store policy to responsibly direct consumers’ behavior
regarding specific therapy [32]. It is recommended that app
stores implement a responsible policy to force medical apps to
declare that screening results obtained should be discussed with
appropriate health care professionals. This criterion should also
be included in the quality evaluation of any mobile phone health
app. However, while positive screening results via mobile phone
apps may stress a user, false negatives may also harm users,
demotivating them from seeking health care advice.
Mental health screening apps need to implement functions to
better motivate users to act on the provided screening results
and encourage them to discuss the results with health care
professionals. This study demonstrated that 148 out 239 (62%)
respondents who demonstrated significant depressive symptoms
did not discuss their results with a health care professional. The
screening function alone might therefore not be sufficiently
effective in motivating users to seek professional assistance.
Improving this utility is critical when designing and implanting
mobile phone technology for assistance with health care
provision.
In a previous mobile phone depression-screening study,
(2642/6089) 43.38% of participants completed the PHQ-9
questionnaire an average 5.3 times in the 4-month study period,
with a depression score above 11 at the first test being associated
with multiple PHQ-9 completions [3]. In another case study,
13 patients with major depressive disorder used a simple mobile
phone app to answer 3 randomly sampled questions from the
PHQ-9 survey 3 times per day for the duration of 1 month [33].
Given the feasibility of using mobile phone apps to monitor
depressive symptoms, comparing a patient’s current responses
to previous responses might help mental health practitioners
make informed decisions [34]. Finally, although 2184 out of
2538 (86.05%) participants recorded a positive attitude toward
depression as a real disease, only 1107 out of 2538 (43.61 %)
had a positive attitude toward antidepressant medications’ ability
to restore normal level of functioning. Future mental health
mobile phone interventions may need to consider adding a
component to improve attitude toward antidepressant
medications.

Limitations
This study focused on simulating the real-world use of such
screening tools. It deliberately recruited participants the typical
way mobile phone users will seek apps and provided new
evidence that relevant users in various countries seek and use
mobile phone-based mental health interventions. This process
limited the ability to validate the self-reported data, which is
less rigorous than clinically validated data. Another limitation
of this study is that the passive recruitment strategy might have
drawn in participants more motivated to complete the screening
and the follow-up, perhaps those aware of their mental health
problem. To test the feasibility of using push notifications to
follow up with participants, we used a short set of follow-up
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questions. Therefore, this study did not provide details about
the type of depression diagnosis or who provided the depression
diagnosis (eg, a general practitioner or specialist). It is also
unlikely that the population included in this study is
representative of the depression prevalence in the population,
as users had to have a mobile phone and be active app users.
Moreover, the cohort design lacked a comparison or control
group, which can provide results that are more rigorous. Finally,
the demographics of users in this study do not reflect the national
averages. For example, in the United States, depression rates
were higher in 40-59 year olds and women. [35] However, in
this study most of the participants were younger and more
participants were male than females.

BinDhim et al

Conclusion
Previous studies have confirmed the feasibility of depression
screening using mobile phone apps in various countries;
however, it was unknown if such screening could motivate users
to discuss the obtained results with health care professionals,
and lead to clinical diagnosis. This study showed that a mobile
phone depression-screening app could motivate some users to
discuss the obtained results of such tests with health care
professionals for further diagnosis and management. However,
further study should investigate how other app users use the
screening results provided by depression-screening apps.
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Smartphone technology is nascent compared to other technologies; however, it has shown an
unprecedented uptake amongst lay consumers and professionals. This article presents the history,
components, and key features of smartphones, as well as their related concepts and how they
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WHAT IS A SMARTPHONE?
There is no universally agreed-upon definition for a ‘smartphone’. However, in one
definition, a smartphone is considered ‘a mobile phone handset with advanced hardware and
software capabilities that enable it to perform complex functions similar to those of laptop
computers’ [1]. There are a few key components necessary for a mobile phone handset to be
a smartphone: (a) It should be a novice appliance designed for personal use, rather than
designed for business or commercial use. This requirement (being a novice appliance) helps
exclude personal digital assistants (PDAs), which are often developed for business use and
may sometimes be called smartphones [2]. (b) The second component is the ability to connect
to the Internet in a constant, unrestricted way, which helps the user to exchange and generate
data ‘on the go’. (c) Third is the ability to install a range of applications (apps) from an
external source, such as an ‘app store’. (d) The fourth component (which is optional but
increasingly common) is being large, with a high-resolution screen and a high-definition
camera to facilitate high-quality video conferencing and advanced use for areas such as
ultrasound and telemedicine.

THE HISTORY OF SMARTPHONES
In his article, ‘The History of Smartphones: Timeline’, Arthur (2012) states that the timeline
of smartphones began in January 2007, when the Apple iPhone was revealed for the first time
[3]. Kim (2011) more accurately divided the history of the smartphone into two main eras: (1)
pre-iPhone and (2) post-iPhone [2].
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Smartphones in the pre-iPhone era were largely conceptualised as office machines and seen
as enhanced PDAs, with features like the ability to make phone calls, address books,
calculators, calendars, and the abilities to send e-mail and faxes [2]. These features usually
stood alone and could not communicate with each other. An example of a successful preiPhone device was the Blackberry, which was introduced in 2002 and incorporated a range of
office functions, such as Internet and fax functions [2]. Another pre-iPhone operating system
(OS) was the Windows Pocket PC 2000, which later evolved into Windows Mobile 5 and 6
[4]. Thus, smartphones during this era could be summarised as mobile phones with extra
advancements that usually came as a package of apps decided by the manufacturer, regardless
of the user’s needs, and targeted to professionals, rather than the general population.
On the other hand, smartphones in the post-iPhone era are widely seen as personal computers
with mobile-phone functions. They have transformed from mainly data receivers to data
generators, and there is no limit to their capabilities to assist in any situation. Smartphones
have replaced many things in our lives—people no longer need maps for a new city or
timetables for public transport [5]. Smartphones can store people’s ‘to-do’ lists amongst all of
their organising functions and alarms, as well as gym programs, diet plans, and medication
reminders—the list goes on and on [5]. However, unlike the pre-iPhone era, the range and
types of apps on the devices are decided by the users, based on their own needs. Moreover,
post-iPhone apps are able to communicate and share data between each other. For example,
apps can access contact lists or images taken by the built-in camera and transfer them to
another app for processing or utilise them to perform a new function.
Eventually, the success of the post-iPhone OSs has forced the leading pre-iPhone OS
Blackberry to consider stopping production [6,7]. Windows Mobile was also renovated to
cope with the advances of the post-iPhone era [8].

KEY FEATURES OF SMARTPHONE APPS
Smartphone users can download apps from app stores using the advanced functionalities of
smartphones and tablets [9]. These apps are comparable to those run on a personal computer
(PC), which enables smartphones to replace laptops or PCs in most tasks, such as Web
browsing, document processing, video and music playing, task managing, and video game
playing [9].
Portable accessibility: The main advantage of smartphone apps over previous computer
technology is its portability. We can claim that any health-related Internet website is
accessible anywhere and at any time, but the fact is that it is only accessible wherever one has
the hardware and an Internet connection. In contrast, as users carry their smartphones with
them all the time, they are available whenever they need them. This saves time and
potentially offers more privacy and anonymity. Such proximity to the consumer gives
smartphones great potential as a health promotion tool [10]. According to a recent Google
study, 51% of smartphone users search the Internet ‘on the go’ with their device [11]. They
are used while multi-tasking with other media (e.g., while watching TV, using the Internet on
a computer, and listening to music) [12].
Storage: Apps can store user inputs, organise them, and generate new data that can be stored
on the device and retrieved via the app. Also, most of the apps’ multimedia content is stored
locally and can be accessed anytime and anywhere. Apps also have the ability to download
more content when an Internet connection is available, and in addition to local storage apps
can store data on remote Web servers for the user to access via other devices or computers.
Apps can be easily updated with new data downloaded directly onto the app, or the user can
update the app via the app store with several clicks.
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Notifications: Some of the most novel features of smartphone apps are local notifications and
push notifications. Notifications are a short message service (SMS)–like function that is free
of cost and more interactive. According to Apple’s technical description, notifications ensure
immediate, time-sensitive delivery, even when an app is not running [13]. Local notifications
are generated from the app itself, usually as reminders or an alarm clock, and are repeatable
[13]. However, push notifications are server-generated and can initiate an interactive process
inside the app [13]. Push notifications use a unique device identification (which is different
for each app) that acts as a phone number, so the server can deliver the push-notification
message to a specific device that uses a specific app [13]. Users can enable or disable the
notification feature for a specific app, which gives users the ability to control which apps they
want to receive notifications from. In addition, the remote server can also receive information
about whether users have enabled the notification function. This feature gives the notification
services superior spam control over those of SMS.
Ad-hoc devices: An ‘ad-hoc device’ is an add-on developed to extend the utilisation of the
main device in an unintended way. For example, a smartphone is not intended to be used as a
medical device; however, ad-hocs can be developed to extend its utilisation as a medical
device. Smartphone apps can be built to interrupt data from ad-hoc devices, which extend the
potential utilisation of apps to an unprecedented level. There are currently various medical
ad-hoc devices available for health consumers and healthcare professionals, including blood
pressure, heart rate, blood glucose level, and ultrasound scanners [14].

KEY FEATURES OF APP STORES
App stores are global, virtual stores that sell apps, books, music, and movies. Their power
comes from the fact that, although users can modify their phones to download apps from
other sources, each app store is the only marketplace for selling and buying apps for a
specific smartphone OS. For example, the Apple App Store is the only marketplace where
iPhone, iPod, and iPad users can get apps for their devices. The App Store also comes with
the default apps package in these devices.
The two largest app stores are Apple’s App Store and Google Play (previously called the
Android Market), which is the main source of apps for the Android OS. The latter is now
used by many mobile phone handset manufacturers, such as HTC, Motorola, and Samsung.
In 2009, after nine months in business, App Store consumers had downloaded one billion
apps [15]. In 2013, Apple users had downloaded 50 billion apps, up from 15 billion in 2011
[16,17]. Android users had also downloaded about 48 billion apps by 2013, up from 10
billion in 2011 [18,19].
How they work: App Stores offer developer subscriptions, which are accounts for app
publishers allowing them to publish their apps on the app stores [20,21]. If an app publisher
decides to sell an app, a percentage of the app’s cost will be given to the app stores [20,21].
A publisher that is ready to submit an application has to provide information about the app,
including the app’s name, a description to be used in the advertisement, a price (if not free),
and the category in which the publisher wants the app to be published [1]. In the Apple App
Store, the publisher must also provide keywords for users to locate their apps. Google Play,
on the other hand, searches the app description, instead of using keywords. Thus, in both
stores, developers can intentionally select their keywords so that a user can find his or her app
in addition to browsing by category.
The publisher can specify the countries in which the app is to be published and can customize
the app for a specific language [22,23]. However, the ability to limit an app to a specific
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country is not entirely accurate. In a previous feasibility study, some users from countries that
were not included in an app store’s country list were able to download the study app from
both the Apple and Google Play stores [10].
Finally, only in Apple app store the apps go through a review process—which takes between
1 and 2 weeks, on average—where an app store reviewer will perform a technical
compatibility and content verification review [24].
App Ranking and Exposure: App stores rank the apps based mainly on the number of
downloads. App publishers consider their app rank to reflect the number of app downloads
[25]. There are now companies that aggregate the daily app rankings data from app stores.
For example, Appannie [26] allows users to search for an individual app’s current ranking, its
lifetime ranking, and the countries and categories in which it has been highly ranked [25].
Distimo, an app-tracking company, monitors daily rankings in the app stores on a country-bycountry basis. It found that, to rank amongst the top 10–25 in the USA, an app needed
between 45,000 and 80,000 downloads per day [25,27,28]. To rank amongst the top 10 to 25
in Australia, the UK, Germany, France, or Italy, an app only requires 4,000 to 18,000 daily
downloads [25,27,28]. In most countries, an app needs approximately 3,000 daily downloads
to achieve a top 50 ranking [25,27,28]. Although app rankings are mostly influenced by the
number of downloads, some app publishers also believe that app reviews contribute to
improving the ranking. Consequently, many app review companies now provide massive
review services to app publishers—they can write positive reviews with 5-star ratings for the
publisher’s app or give bad reviews and ratings to competitors’ apps [29,30].
The main criticism of the app ranking process is that the high-ranking apps will get more
exposure and downloads and stay at the top of the list, thereby reducing the exposure of new
apps. However, app stores also have ranked lists of newly released apps based on the date of
release, so that they, too, can get more exposure. App stores can also feature an app by listing
it on a special list or improve its ranking in a specific country. However, the criteria for
featuring apps are unclear.
Are app stores the only way to access apps? For both Google Play and the Apple App
Store, publishers need to release their app in the store if they want it to be downloaded by the
app store’s users. However, an app that is intended for a specific group of users (e.g., an
organisation’s staff or study participants) can be installed onto the users’ devices directly
from a website or the developer computer without the need to release it to the app store.

SMARTPHONES AND HEALTH
For health consumers: There are growing trends of health apps targeting health consumers.
Such apps are usually released in the Health and Fitness category of app stores. Health apps
have the potential to transform healthcare and health promotion in the community [31]. The
number of health-related apps on the Apple App Store reached 13,000 apps by 2012 [32].
Many studies have identified health-related apps targeting consumers in the app stores. The
apps cover many topics, including smoking cessation [33], ophthalmology [34], hernias [35],
diabetes, obesity and weight management [36], asthma [37], personal health records [38],
HIV and other sexually transmitted diseases [39], colorectal diseases [40], cancer [41],
palliative care [42], pain management [43], fitness and physical activity [44], medication
management and adherence [45], women’s health, and child care [46], and depression [47].
However, although hundreds of health apps target consumers, very few are evidence-based,
and many are with low-quality content [37,41,43].
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In Australia, 28% of smartphone users had used a health-related smartphone app, and 13%
used their smartphone for health-related activates at least once a week [48]. In 2012, the Pew
Internet Research Center found that 53% of adults in the United States (US) owned a
smartphone, 31% of whom had used their smartphone to search for health information and
19% had downloaded and used an app to manage and monitor their health [49]. Furthermore,
health-related apps can efficiently reach people in multiple countries who are searching for
assistance to change health behaviours, such as giving up smoking [10]. In addition, healthrelated apps appear to be independent and perceived to be useful, regardless of e-health
literacy and health information orientation [50].
Finally, In May 2014, Apple announced its Health app and HealthKit for developers. The
Health app (Figure 1) records diagnostics, fitness, lab results, medications, nutrition, and vital
signs [51]. The app shares data with other health apps in two directions and collects data from
other health apps used by the user. This step by Apple suggests that health apps are growing
in importance and have the potential to change the healthcare landscape. In addition,
including health-related apps with smartphones will increase the awareness of and exposure
to these apps and eventually increase their use, as more users will become interested in such
apps after recognising their abilities.
Figure 1: Screenshots of the Apple ‘Health’ app to be released September 2014.

For health professionals: There are also growing numbers of apps targeting health
consumers that are usually released in the Medical or References category of app stores.
Those apps mostly claim to be developed to assist healthcare professionals in their daily
tasks. At the same time, the use of smartphones by healthcare professionals is also increasing.
In 2011, 75% of physicians in the US used iPads or iPhones [52]. Another study in the US
also found that 89% of residents and 98% of faculty staff owned smartphones, with 57% of
house staff and 28% of attending physicians reporting regular personal use of smartphones
during attending rounds [53]. Other healthcare professionals also use smartphone apps as
references or point-of-care tools, including pharmacists [54,55], nurses [56], and dieticians
[57]. In addition, smartphone apps are also used by medical students [58] and for medical
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training [59]. Apps targeting various healthcare professionals are also available in the app
stores [55,60,61]. However, although many support the use of smartphones by healthcare
professionals, which has the potential to improve patient care, the possible dangers associated
with their use (e.g., breaches of patient confidentiality, conflicts of interests, and
malfunctioning clinical decision-making apps) need to be investigated [62]. Finally, Apple
has recently announced a partnership with Mayo Clinic to bring new innovations to patient
care and improve the quality of health apps by developing new apps targeting patients and
health professionals [63].
For health researchers: The proximity to the user, great computational capabilities, and
storage make smartphone apps ideal research tools that are capable of delivering complex
interventions. Apps can collect, store, and transfer data to a remote research database or
export data directly to a local computer. In addition, research participants can be recruited
directly from app stores [10]. Various studies have explored the use of smartphone apps for
health research, including cross-sectional [10], observational [64], and randomised controlled
trial [65]. In addition, smartphone apps have been used to conduct cross-country studies
[10,65].
However, few studies have been conducted to investigate the efficacy of smartphone app
interventions. Of those studies, one found that a smartphone medication self-management app
improved adherence and helped reduce rates of forgetting and of medication errors in elderly
patients [66]. Moreover, a weight-loss pilot study found that the trial retention was 93% at 6
months in the smartphone group, compared to 55% in the website group and 53% in the
paper diary group [67].
Health-related smartphone apps are often hastily developed and may not meet consumers’ or
healthcare professionals’ needs or expectations [68,69]. Recent studies have searched app
stores for specific health-related apps and reviewed their quality [34,37,43,70], finding that
there were methodological and quality problems that are common amongst health apps [68].
Moreover, other studies have found apps that encourage harmful health behaviours [1,9,25].
Thus, health-related research using smartphone apps is likely to rapidly evolve in the years to
come. Therefore, more research efforts are needed to harness the potential of smartphone
technology to improve healthcare.
Regulation of health apps: The US Food and Drug Administration (FDA) has focused on a
small subset of mobile apps that meet the regulatory definition of ‘devices’ and that (1) are
intended to be used as an accessory for a regulated medical device or (2) transform a mobile
platform into a regulated medical device [71]. The FDA has also stated that, although many
mobile apps carry minimal risks, those that can pose a greater risk to patients will require
FDA review [71]. In addition, the FDA recently released a memorandum of a meeting after
discussing glucose monitoring sensors with Apple executives [72]. The FDA stated that it
‘will regulate based on the intended use of a device. Using the glucometer example, the
glucometer may be unregulated if the intent is for a user to follow their blood sugar for the
purposes of better nutrition. If the glucometer is marketed for diabetics, however, it would
more likely be regulated as a medical device’ [72]. However, the lay users may not be able to
know the difference between what is intended to be a medical device or not. Moreover the
app stores currently contain many apps that target healthcare professionals, with functions
such as medication dosage calculators, which may cause patients harm if they malfunction.
Such apps are not currently regulated and seem to be ignored [73].
To conclude, although smartphone technology is nascent compared to other technologies, it
has shown unprecedented uptake amongst lay consumers and professionals. Fast advances in
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apps and ad-hoc devices have increasing complexity, stability, and reliability. It has also
shown a promising role in changing the future healthcare landscape through the increasing
applications for health and perceived usefulness amongst health consumers and healthcare
professionals.
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ABSTRACT
Background Smartphone use is growing exponentially
and will soon become the only mobile phone handset for
about 6 billion users. Smartphones are ideal marketing
targets as consumers can be reached anytime,
anywhere. Smartphone application (app) stores are global
shops that sell apps to users all around the world.
Although smartphone stores have a wide collection of
health-related apps they also have a wide set of harmful
apps. In this study, the availability of ‘pro-smoking’ apps
in two of the largest smartphone app stores (Apple App
store and Android Market) was examined.
Method In February 2012, we searched the Apple App
Store and Android Market for pro-smoking apps, using
the keywords Smoke, Cigarette, Cigar, Smoking and
Tobacco. We excluded apps that were not tobaccorelated and then assessed the tobacco-related apps
against our inclusion criteria.
Result 107 pro-smoking apps were identiﬁed and
classiﬁed into six categories based on functionality.
42 of these apps were from the Android Market and
downloaded by over 6 million users. Some apps have
explicit images of cigarette brands.
Conclusions Tobacco products are being promoted in
the new ‘smartphone app’ medium which has global
reach, a huge consumer base of various age groups and
underdeveloped regulation. The paper also provides two
examples of app store responses to country-speciﬁc laws
and regulations that could be used to control the harmful
contents in the app stores for individual countries.

BACKGROUND
In 2011, the number of mobile phone subscriptions reached 5.9 billion, nearly 2.5 times higher
than the total worldwide internet subscriptions of
3.1 billion (of those 3.1 billion internet users, 1.2
billion used mobile-broadband).1 A smartphone is
a mobile phone handset with advanced hardware
and software capabilities that enable it to perform
complex functions similar to those of laptop computers. Its function as a mobile phone handset
(which is closest to the consumer and on hand
when needed) makes the smartphone potentially
the ideal health promotion and self-help programme delivery vehicle and the ideal marketing
target as consumers can be reached anytime, anywhere. Smartphone users are increasing exponentially and, in the near future, all mobile phone
handsets will be smartphones.2
The ‘Apple App Store’ and ‘Android Market’ are
global virtual application (app) stores. They are the
only sources for users of the Apple iOS system
(the system which runs on the iPhone, iPod touch
and iPad) and the Android system (now used by
many mobile phone handset manufactures such as
Tobacco
Control 2012;00:1–7.
Copyright
Article doi:10.1136/tobaccocontrol-2012-050598
author (or their employer)

HTC, Motorola and Samsung) to ﬁnd and download apps for their devices. In 2012, Apple customers downloaded 25 billion apps, up from 15
billion in 2011.3 4 The Android Market reached 10
billion app downloads by mid-2011.5
Smartphones now account for 37% of all mobile
phone handsets in Australia,6 36% in the UK7 and
35% in the USA.8 ‘Ofcom’, a UK telecommunications regulator, conducted a study on smartphone
usage in the UK and found almost half of the teenagers (47%) now own a smartphone.9 Moreover,
37% of adults and 60% of teens report being
‘highly addicted’ to smartphones.9 The Nielsen
Company analysed mobile phone usage data
among teens in the USA for the second quarter of
2010 (April 2010—June 2010) and found that teen
mobile phone subscribers increased their app
download frequency from 26% to 38% in 1 year.10
This growing trend of app use on smartphones is a
powerful marketing tool that can reach adults and
teenagers easily and cost-effectively.
Taking into account that these app stores are in
a developmental stage and facing a massive
growth in app users and developers, their content
regulation policies are also likely to be under constant revision to try minimising the promotion of
harmful content.
Although the app stores now have hundreds of
health-related apps, the effectiveness, quality and
accuracy of most are not validated. Furthermore, apps
that encourage harmful health behaviours such as
smoking are also available in the app stores. This is particularly important since we know that exposure to
pro-smoking messages can increase smoking among
adolescents.11 12 A study by Gidwani et al found that
pro-smoking content on television has a dose–response
relationship with young people taking up smoking.11
Moreover, a review examining what is known about
the pro-smoking content in various media channels
found that exposure to favourable media images about
smoking provided youth with direct reinforcement for
smoking and encouraged smoking initiation.12
However, no studies have attempted to evaluate the
pro-smoking content in the app stores.

WHAT WE KNOW ABOUT THE ‘APP STORES’
App stores provide app developers or publishers with
a subscription that allows them to publish their apps
in the app stores. When a developer is ready to
submit an app, he/she has to provide information
including the app name, a description of the app to
be used in the advertisement, a price for the app if
the developer decides to sell it and in which store category the app will be published.13 14 The app stores,
however, provide no speciﬁc criteria for the category
selection, and the app developer can nominate the

2012. Produced by BMJ Publishing Group Ltd under licence.

1

Downloaded from tobaccocontrol.bmj.com on October 22, 2012 - Published by group.bmj.com

Research paper

Box 1

Pro-smoking app examples.

We review below example applications (apps) of each category.
▸ Tobacco Shop/Brands apps
– Cigarettes: Android app that lists famous cigarette brands
and products with images, their speciﬁcations and their
availability in various countries.
– Cigar smoker: Apple app for iPhone, ipod touch and iPad
(ﬁgure 4) provides information about various cigar brands,
tips, video reviews and allows users to take photos of
their favourite brands and share them on social media.
▸ Smoking Simulation apps
– Hotsmoke: Smoking simulation app in the Apple App
Store that allows the user to pick a cigarette box that
resembles a wide range of famous brands in high quality
3D design (online supplementary image 3) and then
smoke a cigarette virtually by holding the phone near the
mouth and using the microphone. The user will be asked
to inhale and exhale, the cigarette will burn faster with
inhalation and smoke will show on the screen with exhalation; the user can shake the phone to drop the ash. The
cigarettes also resemble the cigarettes of the brand the
user selects. This app advertisement started with ‘Please
enjoy the real smoking anytime in any indoor space
including ofﬁce and home!’ It also claims to help users
quit smoking.
– Puff Puff Pass: This app is a cartoon game where the
user must click on game characters to order them to
smoke and pass the cigarette to the other characters. The
user collects points if he or she continues passing the
cigarette in the same sequence at a fast pace. Users also
can select the type of tobacco (cigarette, cigar and pipe)
(ﬁgure 5).
– MyAshtray: Apple app that simulates an ashtray where
the user can click on it to open it and click inside it
to drop cigarette or cigar ash or a cigarette butt (supplementary ﬁgure 8). After each few ashes drop, the app displays messages that encourage smoking behaviour, such
as ‘Would be even better with a beer in your hand!’ This
app also has a quit smoking help claim.
▸ Wallpaper apps
– Marlboro Red 3D Live Wallpaper: Android app that explicitly shows the famous Philip Morris brand Marlboro in
attractive 3D images that show the pack from various
angles so users can have it as a theme background for
their phone (online supplementary image 1).
▸ Cigarette Battery
– Cigarette battery widget: Shows burning cigarette on the
phone screen with the battery life percentage (supplementary ﬁgure 9).
▸ Smoking Advocacy
– CRA—Cigar Rights of America: Available in both Android
Market and Apple App Store; its advertisement states
that it is for a non-proﬁt public advocacy to protect the
freedoms of cigar enthusiasts. The objective is to focus
on: opposing restrictive smoking bans, opposing taxation
of cigars, government regulation of cigars and policy measures relating to cigars. App contains audio and video
streaming for speech-related to the app objectives, news
and events, and how to join or support the group (supplementary ﬁgure 10).

2

category they prefer. The developers also can specify in what
countries they want their app to be published.13 14
In the Android Market only, users can also see the number of
downloads for each app in a range rather than the actual downloads number. For example, if an app downloads number is
1000–5000 this means that this app was downloaded by a
minimum of 1000 unique devices and is growing to reach 5000
downloads. Once the app reaches 5000 downloads the range
will change to 5000–10 000. According to the Android Market,
these numbers refer to ‘the total number of unique users that
have ever installed this app.’15
This shows that both Android and Apple app stores have an
advanced infrastructure that can be used to control the app
content if required.
This study aimed to identify and describe the pro-smoking
content in the Apple App Store and Android Market. We
provide two regulation examples for app stores in response to
individual countries’ local laws.

METHOD
In February 2012, we searched the Apple App Store and
Android Market for pro-smoking apps, using the keywords
Smoke, Cigarette, Cigar, Smoking and Tobacco. To simulate
user behaviour, we conducted the search using real smartphone
devices and built a list of the identiﬁed apps, then extracted
their data from the app stores’ websites. We excluded apps that
were not tobacco-related such as apps that used the word
‘smoking’ or ‘smoke’ to convey another meaning (eg, ‘smoked
food’) and then assessed the tobacco-related apps against our
inclusion criteria. These were apps that (1) were in the English
language and (2) had pro-smoking content. Our deﬁnition of
‘pro-smoking’ content included any app that explicitly provided
information about brands of tobacco, where to buy tobacco
products, images of tobacco brands or cigarettes, and apps that
might encourage smoking behaviour by providing smoking
trigger cues, for example, smoking simulation apps that show a
cigarette on the screen and ask the user to light it and smoke
it. We extracted the app names, publisher names, the app
description ‘advertisement’ and, in the Android Market, the
number of app downloads in an access database. We then
downloaded the included apps to identify the general themes
of these apps based on their functionalities in order to categorise them. We also analysed the app advertisement content for
its claims about the app’s ability to aid in smoking cessation
alongside the stated purpose of the app. The collected data
were then veriﬁed independently by two researchers against the
inclusion criteria and the app functionality categories.
To test inter-coder reliability, a sample of 20 apps from both
stores was randomly selected and two researchers coded them
against the inclusion criteria and categorisation. κ Statistical
tests were conducted to measure inter-coder agreement for
both inclusion criteria and app categorisation. Inter-coder reliability tests showed good reliability at κ 0.78 for app inclusion
and 0.76 for app functionality categorisation. Disagreements
were then discussed and resolved.

RESULTS
The initial keyword search returned a total of 40 pages of ‘results’
in the Android Market and eight pages in the Apple App Store,
equivalent to approximately 1400 apps (1000 in the Android store
and 400 in Apple). Of these, 299 apps were tobacco-related and
283 of these were in English. The English-language
tobacco-related apps were assessed against our deﬁnition of
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Table 1 Pro-smoking apps in the Android Market
Category

Number of Apps (%)

Minimum–maximum users No.

Average user no. ((Minimum+Maximum)/2)

Smoking cessation help claims

Tobacco Shop/Brands
Smoking Simulation
Cigarette Battery
Wallpaper
Cigarette Rolling Info
Pro-smoking Advocacy
Total

15 (35.7)
10 (26.2)
9 (21.4)
6 (14.3)
1 (2.3)
1 (2.3)
42

32 580–123 750
6 157 700–15 613 000
3500–14 500
21 006–102 015
10 000–50 000
1000–5000
6 225 786–15 908 265

78 165
10 885 350
9000
61 510
30 000
3000
11 067 025

0
4
0
0
0
0
4

pro-smoking. We identiﬁed 107 pro-smoking apps, 42 apps in the
Android Market and 65 in the Apple App Store. We found six
themes based on app functionality, directly overlapping with our
categories to create the following typology: (a) ‘Tobacco Shop/
Brands’: apps that contained information about where to buy
cigars or cigarettes, information about the brands, helping users
to build their favourite cigar or cigarette list, or a combination of
these functions; (b) ‘Smoking Simulation’: apps that simulated the
smoking behaviour (eg, virtual electronic cigarettes that users can
inhale and exhale, games where users can pass a cigarette to the
game characters); (c) ‘Wallpaper’: apps that change the phone
wallpaper or the theme to one that contains images of cigarettes
or smoking people; (d) ‘Cigarette Battery’: apps that change the
battery icon to a burning cigarette shape; (e) ‘Pro-smoking
Advocacy’: apps that oppose antismoking policies and gather
support for pro-smoking advocacy (eg, pro-smoking advocacy
group apps); and (f) ‘Cigarette Rolling Info’: provide information
and multimedia illustration on how to roll a cigarette in different
shapes. Examples of each category are given in box 1. Of the 107

Figure 1

apps, 48 were ‘Smoking Simulation’, 42 ‘Tobacco Shop/Brands’,
nine ‘Cigarette Battery’ apps, six ‘Wallpaper’, one ‘Pro-smoking
Advocacy’ and one ‘Cigarette Rolling Info’.
Although some ‘Smoking Simulation’ apps claim to be
smoking cessation apps we included them as possible
pro-smoking apps for the following reasons: some of them
resemble some cigarette brands, they were published under the
‘entertainment’ category in the app stores, and virtual electronic cigarette apps, unlike E-cigarettes, do not deliver nicotine
replacement and there is no evidence on the effectiveness of
such smoking simulation methods. The pro-smoking apps were
found in both stores under different retailer categories: ‘Health
and Fitness’, ‘Entertainment’, ‘Games’ and ‘Lifestyle’.

In the Android Market
The pro-smoking apps were downloaded by a minimum of
6 225 786 users by February 2012 (table 1), an average of
about 11 million users. The most downloaded app category
was ‘Smoking Simulation’, which contained 10 apps

Screenshots of Android App show the brand Marlboro.

Tobacco Control 2012;00:1–7. doi:10.1136/tobaccocontrol-2012-050598

3

Downloaded from tobaccocontrol.bmj.com on October 22, 2012 - Published by group.bmj.com

Research paper

Figure 2

Android App to collect points for buying Marlboro cigarettes.

downloaded by 6 157 700 users, followed by apps in the
‘Tobacco Shop/Brands’ category, which contained 15 apps
downloaded by 32 580 users. Three apps contained images of
known cigarette brands, two of them for Marlboro (ﬁgure 1)
and the other one included images for many famous brands
(supplementary ﬁgure 2). One app was to collect points for
buying Marlboro cigarettes (ﬁgure 2). Four apps from the
‘Smoking Simulation’ category claimed that smoking simulation could help users to quit.
The identiﬁed apps were distributed in seven Android
Market retailer categories (table 2). Most apps were in the
‘Lifestyle’ and ‘Personalisation’ categories. The highest download numbers were found in the ‘Casual’ and ‘Entertainment’
categories, probably because they have smoking simulation
apps which were also receiving the highest download numbers
in the functionality categorisation.

Table 2 Pro-smoking apps distribution on Android Market retailer
categories
Retailer Category

Number of Apps (%)

Minimum users no.

Lifestyle
Personalisation
Casual
Shopping
Tools
Entertainment
Health and Fitness
Grand total

16 (38.1)
11 (26.2)
5 (11.9)
4 (9.5)
3 (7.1)
2 (4.8)
1 (2.4)
42

25 520
32 306
5 105 100
11 060
300
1 001 000
50 000
6 225 286
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Although the Android Market website has a content rating
(Low Maturity, Maturity and High Maturity) for potential app
users, we could not ﬁnd the content rating on the device
version of the app store easily. In addition, unlike the Apple
app store, there is no warning message about age restrictions
when users attempt to download an app that contains
smoking or ‘High Maturity’ content references.

In the Apple App Store
The 65 pro-smoking apps were distributed among only four
categories: ‘Tobacco Shop/Brands’, ‘Smoking Simulation’,
‘Cigarette Rolling Info’ and ‘Smoking Advocacy’ (table 3). Six
of the smoking simulation apps claimed that the smoking
simulation could help users to quit smoking. Although there
were no exact images for cigarette brands in the Apple App
Store, some smoking simulation apps contained images that
resembled international brands with very minor modiﬁcations;
most of them resembled Marlboro (supplementary ﬁgure 5)
(additional coloured screenshots are available on: http://spphr.
net/2/c_img.pdf ).

Table 3 Pro-smoking apps in the ‘Apple App Store’
Category

Number of Apps (%)

Smoking cessation help claims

Smoking Simulation
Cigar Shop/Brands
Cigarette Rolling info
Smoking Advocacy
Total

36 (55.4)
27 (41.5)
1 (1.5)
1 (1.5)
65

6
0
0
0
6
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Figure 3

Apple smoking simulation apps contained images that resembled international brands.

Pro-smoking apps in the Apple store were found in ﬁve
retailer categories, ‘Entertainment’ 32 (49.2%), ‘Lifestyle’ 25
(38.5%), ‘Games’ 4 (6.2%), ‘Health and Fitness’ 3 (4.6%) and
‘Reference’ 1 (1.5).

than the Apple App Store and does not show a warning about
the content before downloading the app.

CONCLUSIONS
DISCUSSION
The pro-smoking apps are available under multiple retailer categories, from ‘Health and Fitness’ to ‘Entertainment,’ ‘Games’
and Lifestyle’. This potentially exposes a range of age group to
these apps. These apps could also easily attract teens and children due to their high quality graphics and availability under
the ‘Game’ and ‘Entertainment’ categories in the app stores.
Pro-smoking apps that show that smoking is ‘cool’ in a cartoon
game, and provide a chance to explore the available cigarette
brands and even simulate the smoking experience with high
quality, free apps could potentially increase teen’s risk of
smoking initiation. However, there are no data available about
who actually downloads these apps and further research in this
area is needed.
The availability of pro-smoking content in the app stores
appears to be violating Article 13 of WHO Framework
Convention on Tobacco Control (WHO FCTC), which bans
advertising and promotion of tobacco products in all media
including the internet.16 Advertisement and promotion of
tobacco products are deﬁned in Article 1 of the FCTC as ‘any
form of commercial communication, recommendation or action
with the aim, effect or likely effect of promoting a tobacco
product or tobacco use either directly or indirectly’.16
Consequently, pro-smoking apps also violate the laws of the
countries that have adopted tobacco advertising bans. In addition, if app developers use brand imagery belonging to tobacco
companies without permission, then they are potentially in
violation of copyright law: but, the tobacco company would
have to issue legal demands that the app developer cease and
desist.17
App stores have a moral and (arguably) a legal responsibility
to ensure they have the infrastructure to comply with WHO
FCTC and other laws restricting advertising of tobacco to
minors. Although we were able to provide evidence of the
Apple App Store response to local laws (box 2), we were unable
to ﬁnd any for the Android Market. The Android Market also
has a less restrictive procedure regarding pro-smoking content
Tobacco Control 2012;00:1–7. doi:10.1136/tobaccocontrol-2012-050598

Pro-smoking content including explicit cigarette brand images
is promoted in smartphone apps, which are reaching millions
of users, including teenagers and children. App stores need to
explore ways of regulating this content. Individual countries
could also include monitoring of app stores when enforcing
tobacco control policies, as the current technical infrastructure
of the Apple and Android app stores could be used to apply
local laws and regulations.

BOX 2 EXAMPLES OF APPLE STORE RESPONSE TO
INDIVIDUAL COUNTRIES LOCAL LAWS.
▸ · Example 1: Encyclopedia De Chine (China)
▸ An app called ‘ENCYCLOPEDIA DE CHINE (CHINA)’ available
in both the Apple app store and the Android Market that features photos, news feeds, audio podcasts and videos about
China was blocked by the Apple app store in China. The
developer stated in the app description in the Apple app
store: ‘Sorry, due to local laws, this app will no longer be
available in China.’18 However, the developer did not mention
anything about this issue on the app description in the
Android Market.
▸ · Example 2: Apps with adult content in Saudi Arabia
▸ In an Apple store, when a developer attempts to submit an
app, he or she has to answer the content rating questions
and if the app contains adult content, a warning message
will be displayed to the developer, stating: ‘Due to local
laws, this app will not be sold in the following territories.’
One of the countries in the list is Saudi Arabia. Saudi Arabia
has a no tolerance policy for adult content on the internet
and has one of the most active internet censorship policies
in the world.19 Very popular websites such as Facebook and
YouTube have hundreds of blocked pages.
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Figure 4

Screenshots of the App Cigar smoker.

Figure 5 Screenshots of the App Puff
Puff Pass.
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What this study adds
▸ This paper reviews for the ﬁrst time the existence of
pro-smoking apps in smartphone ‘app’ stores. It identiﬁes a
new trend of promoting tobacco products in a new medium
with global reach, a huge consumer base of various age
groups and less strict regulation policies.
▸ Some of the identiﬁed apps show explicit images of cigarette
brands and others show images that resemble existing brands.
▸ This paper also provides examples of how app stores might
regulate content.
▸ Our research ﬁndings could be used to re-evaluate the scope of
existing tobacco advertising bans for virtual markets and to implement stricter policies for pro-smoking apps in the app stores.
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